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Abstract 

In the context of the rapid development of artificial intelligence and digitalisation, the issue of data protection is becoming 

increasingly important. The aim of this study was to investigate the relationship between respondents' willingness to provide 

personal data for educational purposes and their interest in further education in the field of artificial intelligence, with a particular 

focus on age as a moderating factor. The research sample consisted of 1308 respondents. The collection was conducted using the 

CAWI method. Chi-square test and binary logistic regression were used for statistical analysis. Age emerged as a significant 

factor, with older individuals showing lower willingness to provide data and also lower interest in AI. The findings highlight the 

importance of age group differences in shaping attitudes towards privacy and technological innovation. Greater digitisation and 

trust in the benefits of AI among younger people lead to more benevolent sharing of personal data. Conversely, older people are 

more likely to be concerned about the risks of misuse of personal data, which reduces their motivation to engage in innovation. 

From a practical perspective, the results highlight the need for differentiated marketing strategies and transparent communication 

about the security and use of personal data. The study provides valuable insights into the factors that influence the adoption of AI 

in society and contributes to the design of effective policies and programs to promote further education in a dynamic emerging 

segment. 
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1. Introduction 

In the context of digitisation and the rapid development of 

Artificial Intelligence (AI), the issue of data protection is 

gaining importance. The increasing ability of technologies to 

process large data sets is sparking intense debates on the 

ethical, social and psychological aspects of privacy, while 

attitudes towards data protection are receiving increasing 

attention. 

2. Literature Review 

Privacy is a key area of concern in modern society, as 

personal data is increasingly used in the creation of 

personalised services, in marketing as well as in the 

development of AI algorithms. Individuals' attitudes towards 

data provision can be understood through the concept of 

privacy calculus i.e. privacy calculus where an individual 

compares the perceived benefits of providing data specific 

personalized services, better recommendations with perceived 

risks such as misuse of data, loss of control over privacy [1]. 
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High perceived risk has the potential to induce protective 

behaviors in individuals that lead to rejection of technologies 

that require sharing of personal data. Conversely, higher levels 

of trust and positive evaluations of potential benefits lead to 

individuals' willingness to provide said data [2]. A recurring 

theme within the literature is the importance of organizational 

transparency and individual control over data as key factors 

influencing attitudes towards data privacy [3]. Current research 

indicates the existence of significant differences in individuals' 

attitudes towards the provision of personal data depending on 

various demographic factors, especially age [4]. Willingness to 

provide personal data is closely linked to interest in modern 

technologies, particularly AI-based technologies. Users who 

perceive AI positively and see clear benefits in its use tend to be 

more open to providing their data. The correlation is noticeable 

with their belief that technological advances bring benefits that 

outweigh the potential risks associated with loss of privacy [5]. 

Conversely, individuals who are skeptical of new technologies 

and exhibit higher privacy sensitivity are less likely to provide 

personal data, which may in turn affect their interest in learning 

and using AI technologies [6]. The aforementioned dynamic 

between willingness to provide data and interest in AI 

technologies is critical because without access to data, AI 

development and implementation becomes more challenging 

and less effective. An important factor influencing attitudes 

towards data protection and AI technologies is the age of 

individuals. Younger people (e.g., Generation Z or Y) are 

generally more open to sharing personal data because they have 

grown up in a digital world where sharing personal information 

is considered a normal part of life [7]. Their higher digital 

literacy, as well as their higher trust in technology platforms, 

make them more willing [8] to adopt new technologies, 

including AI [9]. Conversely, older Baby Boomers or the Silent 

Generation tend to be more cautious, exhibiting a higher 

sensitivity to privacy and personal information. Their 

experiences with digital technologies are often less intense, 

which may lead to higher levels of insecurity and lower 

willingness to accept new technologies that require the 

disclosure of personal information [10]. The above 

generational differences highlight the need for more detailed 

exploration of the interaction effects between age, willingness 

to provide personal information, and interest in AI technologies, 

which previous research has reflected only in a limited way [11]. 

The importance of exploring these factors lies in better 

understanding how different generations perceive technology, 

allowing for more effective targeting of education or awareness 

campaigns. Exploring attitudes towards privacy in the context 

of AI technologies is an important research area with potential 

implications for education [12], data protection policy and the 

implementation of new technologies. The purpose of the 

present research is to examine the relationship between 

individuals' willingness to consent to the collection of personal 

data and their interest in AI technologies, and this relationship 

is analyzed from the perspective of age groups. The results will 

provide a better understanding of how different generations 

perceive the benefits and risks associated with AI and privacy, 

and will contribute to better target the development of policies 

and educational programmes. Given the demonstrated 

importance of age as a moderator of that relationship, attitudes 

across generations need to be carefully analysed. The results 

can make a significant contribution to the understanding of 

current perceptions of AI technologies in society, help identify 

factors influencing their adoption, and provide a basis for 

further empirical research in this area. Based on the defined 

theoretical background, the research question and hypotheses 

were defined: 

Research question: 

VO: What is the relationship between willingness to 

consent to the collection of personal data and interest in 

further AI education, and how does the age of respondents 

affect this relationship? 

Hypothesis: 

H1: Respondents with a higher willingness to consent to 

data collection are more interested in AI technologies. 

H2: The age of respondents has a significant effect on the 

relationship between willingness to provide data and interest 

in AI. 

3. Materials and Methods 

The research design consisted primarily of a quantitative 

component. Data collection was conducted through an elec-

tronic questionnaire (CAWI) designed to explore attitudes 

towards the issue of personal data provision in the context of 

Artificial Intelligence (AI) technologies. Respondents were 

selected using a random sampling method, with data collected 

online using the Google Forms electronic survey platform. 

Data collection took place over the first three months of 2025, 

and respondents who answered all relevant questions required 

for statistical processing were included in the analysis. The 

sample consisted of a total of 1308 respondents. Specifically, 

the sample consisted of females with 879 (67.2%) and males 

with 429 (32.8%). The central research question is what is the 

relationship between individuals' willingness to provide 

personal data for educational purposes, a variable called 

consent data, and their interest in furthering their AI education, 

called interest in AI. The objective is to determine whether the 

aforementioned relationship is influenced by the age of the 

respondents. The variables were operationalized as follow: 

the dependent variable was interest in AI education, coded as 

0 for ‘not interested’ and 1 for ‘interested’. The independent 

variables include the willingness to agree to the collection of 

personal data, which was divided into three categories: 0 for 

disagree, 1 for ‘depends on the situation’ and 2 for agree. The 

age of the respondents which was categorized into five co-

horts according to generations with 1 for ages 18-28, 2 for the 

range of 29-44 years old, 3 for the age range of 45-60 years 

old, 4 for the range of 61-79 years old, and 5 for 79 years old 

and above. The defined variables were obtained directly from 

the questionnaire items and the responses of the respondents 
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were subsequently coded into the above numerical categories 

to enable further statistical processing and interpretation of 

the results. Data analysis was performed using IBM SPSS 

Statistics software. First, a Chi-square test of independence 

was conducted to examine the relationship between the vari-

able willingness to provide personal data and the variable 

respondents' interest in AI education. Testing was conducted 

using contingency tables, and the following formula was 

applied to calculate the Chi-square test statistic: 

(χ²): χ² = Σ[(O - E)² / E]            (1) 

Where O represents the observed abundances and E the 

expected abundances. Binary logistic regression was also 

applied to examine the relationship between willingness to 

provide data, age and interest in AI in more detail. That 

method was appropriate because of the binary nature of the 

dependent variable called AI interest 

For the logistic regression, the standard logistic model was 

used, the formula is: 

logit(p) = ln[p /(1 - p)] = β₀+β1X1 + β2X2 +...+ βnXn (2) 

Where p represents the probability of occurrence of the 

dependent variable, in this case the AI of interest, β₀ is a 

constant and β1 to βn are the regression coefficients of the 

explanatory variables. In the analysis, the willingness to 

provide personal information variable named consent data and 

age of respondents stood out as independent variables. The 

statistical procedures presented above allowed for a detailed 

examination of the observed relationships and provided a 

thorough insight into the role that respondents' age plays in 

shaping attitudes towards data privacy in the context of AI, as 

well as their willingness to participate in further training in 

this area. The methodological approaches used have been 

selected for their appropriateness and robustness in analysing 

categorical variables and provide a sound basis for interpre-

tation and further empirical exploration of the issue. 

4. Results 

In this part of the research, the relationships resulting from 

the defined research question were analysed to investigate 

what relationship exists between the respondents' willingness 

to consent to the collection of personal data and their interest 

in further AI education, and the influence of age on that 

relationship was analysed. To test hypothesis H1, a 

Chi-square test of independence was conducted, the results of 

which are presented in Table 1. 

Table 1. Cross table with variables of AI interest and consent data. 

 

AI Interest 

Total 

0 1 

Consent Data 

1 

Number 388 277 665 

Expected number 258,9 406,1 665,0 

consent data 58,3% 41,7% 100,0% 

interest in AI 76,4% 34,8% 51,0% 

2 

Number 98 427 525 

Expected number 204,4 320,6 525,0 

consent data 18,7% 81,3% 100,0% 

interest in AI 19,3% 53,6% 40,2% 

3 

Number 22 93 115 

Expected number 44,8 70,2 115,0 

consent data 19,1% 80,9% 100,0% 

interest in AI 4,3% 11,7% 8,8% 

Total 

Number 508 797 1305 

Expected number 508,0 797,0 1305,0 

consent data 38,9% 61,1% 100,0% 
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AI Interest 

Total 

0 1 

interest in AI 100,0% 100,0% 100,0% 

From a total of 1305 valid responses, there was a statistically significant relationship between respondents' willingness to 

provide personal data and their interest in AI education (χ²(2) = 215.083; p < 0.001). A detailed overview of the frequencies 

within each category of variables and the expected values is shown in Table 2. 

Table 2. Chi-Square Test between AI Variables and Consent Data. 

 Value df Asymptotic Significance (2-sided) 

Pearson Chi-Square 215,083a 2 <,001 

Likelihood Ratio 223,623 2 <,001 

Linear-by-Linear Association 176,907 1 <,001 

N of Valid Cases 1305   

a. 0 cells (0.0%) have expected count less than 5. The minimum expected count is 44,77. 

 

The table shows that respondents who indicated "depends 

on the situation" (category 1) were less inclined to be inter-

ested in further AI education (41.7% were interested), while 

respondents who strongly agreed (category 2) were signifi-

cantly more likely to be interested in further AI education 

(81.3% were interested). Respondents with explicit disa-

greement (category 0) were the smallest group and their 

distribution of interest was similar to that of the agree group, 

with a significant preponderance of interest (80.9%). Subse-

quently, to examine in more detail the influence of age and 

willingness to provide personal data on respondents' interest 

in AI, binary logistic regression was applied to confirm pre-

vious results and also to estimate this relationship more ac-

curately. The results of the logistic regression are presented in 

Tables 3 to 5, which present the model as a whole, the diag-

nostic statistics and the parameter estimates for each inde-

pendent variable. 

Table 3. Logistic Regression - Case Processing Summary. 

Unweighted Casesa N Percent 

Selected Cases 

Included in Analysis 1305 99,7 

Missing Cases 4 ,3 

Total 1309 100,0 

Unselected Cases 0 ,0 

Total 1309 100,0 

a. If weight is in effect, see classification table for the total number of cases. 

The table shows that 1305 valid cases were included in the analysis, which represents 99.7% of the total. The number of 

missing data was minimal and did not affect the quality of the analysis. 
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Table 4. Dependent Variable Encoding. 

Original Value Internal Value 

0 0 

1 1 

The table shows that 1305 valid cases were included in the analysis, which represents 99.7% of the total. The number of 

missing data was minimal and did not affect the quality of the analysis. The dependent variable interest in AI was coded as binary 

- a value of 0 indicates no interest, a value of 1 indicates interest in AI education. 

Table 5. Overall Model Significance (Omnibus Test) in Logistic Regression Analysis. 

 Observed 

Predicted 

AI Interest 

Percentage Correct 

0 1 

Step 0 
AI interest 

0 0 508 ,0 

1 0 797 100,0 

Overall Percentage   61,1 

a. Constant is included in the model. 

b. The cut value is,500 

Classification based on the null model, which contains only a constant, showed that the model predicted all cases as the "in-

terest = 1" category. The accuracy of the model was 61.1%, which is the starting point for assessing improvement after adding 

variables. 

Table 6. Variables in the Equation. 

 B S.E. Wald df Sig. Exp(B) 

Step 0 Constant ,450 ,057 62,930 1 <,001 1,569 

The constant in the null model is statistically significant, indicating the existence of a baseline probability of interest in AI, 

even without the inclusion of other predictors. 

Table 7. Statistical significance of predictors. 

Step Variables Score df Sig. 

0 Agreement Agreement 177,043 1 <,001 

 Age 29,015 1 <,001 

 Overall Statistics 188,746 2 <,001 
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The variables consent to data collection and age were already statistically significant predictors in the base model, suggesting 

their potential importance in further analysis. The omnibus test confirmed that inclusion of the variables significantly improved 

the model (χ²(2) = 208.881; p < 0.001), justifying further analysis of the regression results. 

Table 8. Omnibus Tests of Model Coefficients. 

 Chi-square df Sig. 

Step 1 

Step 208,881 2 <,001 

Block 208,881 2 <,001 

Model 208,881 2 <,001 

The model achieved Cox & Snell R² = 0.148 and Nagelkerke R² = 0.201, which means that it explains approximately 15-20% 

of the variability in AI of interest - an interesting measure of predictive power. 

Table 9. Model Summary - Cox & Snell. 

Model Summary 

Step -2 Log likelihood Cox & Snell R Square Nagelkerke R Square 

1 1535,699a ,148 ,201 

a. Estimation terminated at iteration number 4 because parameter estimates changed by less than ,001. 

 

Based on the results presented in Table 3, it can be noted 

that the Hosmer-Lemeshow test indicated statistical signifi-

cance (χ²(7) = 32.849; p < 0.001), indicating that there is some 

degree of difference between the expected and observed 

values. Nevertheless, the overall model can be considered 

acceptable given the robustness of the other indicators. 

Table 10. Hosmer and Lemeshow Test. 

Step Chi-square df Sig. 

1 32,849 7 <,001 

The Hosmer-Lemeshow test was statistically significant (p < 0.001), which may indicate some bias between the predictions 

and the actual data. Nevertheless, other indicators confirm the acceptable quality of the model. 

Table 11. Contingency Table for Hosmer and Lemeshow Test. 

 

Interest AI = 0 Interest AI = 1 

Total 

Observed Expected Observed Expected 

Step 1 

1 19 16,892 7 9,108 26 

2 176 180,260 123 118,740 299 

3 117 103,620 70 83,380 187 
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Interest AI = 0 Interest AI = 1 

Total 

Observed Expected Observed Expected 

4 76 73,913 77 79,087 153 

5 44 51,522 138 130,478 182 

6 26 37,263 128 116,737 154 

7 13 16,988 69 65,012 82 

8 16 19,073 93 89,927 109 

9 21 8,467 92 104,533 113 

The table shows details of the prediction differences by risk group deciles. The differences between observed and expected 

values are most pronounced in the outlier groups. As shown in Classification Table 4, the prediction success of the overall 

logistic model was at 69.8%, with the model better able to predict interest in AI (69.5%) than its absence (70.3%). 

Table 12. Classification Table. 

 

Observed 

Predicted 

 Interest AI 

Percentage Correct 

 0 1 

Step 1 
Interest AI 

0 357 151 70,3 

1 243 554 69,5 

Overall Percentage   69,8 

a. The cut value is,500 

 

When the variables were included, the model improved 

prediction - overall accuracy increased to 69.8%, with interest 

in AI predicted with 69.5% accuracy and disinterest predicted 

with 70.3%. The logistic regression results presented in Table 

5 indicate that willingness to provide personal data is a very 

strong and significant predictor of respondents' interest in AI 

(B = 1.359; Wald = 146.991; p < 0.001), with the likelihood of 

interest in AI increasing almost fourfold (Exp(B) = 3.893) as 

willingness to provide personal data increases by one category. 

Age was also a significant predictor, with a negative coeffi-

cient (B = -0.200; Wald = 12.311; p < 0.001; Exp(B) = 0.819) 

indicating that the likelihood of respondents' interest in AI 

education decreases as their age increases. 

 

Table 13. Variables in the Equation. 

 B S.E. Wald df Sig. Exp(B) 

Step 1a 

agreement_agreement 1,359 ,112 146,991 1 <,001 3,893 

Age -,200 ,057 12,311 1 <,001 ,819 

Constant -,976 ,255 14,626 1 <,001 ,377 

a. Variable(s) entered on step 1: consent_event, Age. 
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Both independent variables (consent to data collection and 

age) are significant. Increasing willingness to provide data 

increases the probability of interest in AI by almost a factor of 

4 (Exp(B) = 3.893), while higher age decreases this probabil-

ity (Exp(B) = 0.819). Summarizing the above results, hy-

pothesis H1 is accepted. Respondents with higher willingness 

to provide personal data show significantly more interest in 

AI technologies. Hypothesis H2 was confirmed. The age of 

respondents significantly influences this relationship, with 

older respondents showing a lower likelihood of interest in 

further AI education. These findings support the theoretical 

predictions of generational differences in attitudes towards 

privacy and AI technologies. 

5. Discussion 

The results show a clear and statistically significant 

association between willingness to provide personal data and 

respondents' interest in AI education. This association was 

confirmed through two independent analytical approaches of 

Chi-square test and binary logistic regression. Consistent with 

Hypothesis H1, respondents who are willing to share their 

personal data or make their willingness contingent on specific 

contexts and conditions were also found to be more likely to be 

interested in AI. The finding can be interpreted through the 

concept of privacy calculus. Privacy calculus posits that 

individuals do not evaluate data sharing only as a risk, but 

compare the perceived benefits and risks associated with data 

sharing [13]. In the above case, it can be assumed that 

respondents perceive AI as a promising high value-added area 

and are therefore willing to transcend potential privacy 

concerns in favour of developing their digital skills. The 

findings confirm that higher trust in technology and positive 

perceptions of its benefits lead to greater openness to sharing 

personal information, which is also in line with previous 

research [14]. These studies point out that with sufficient 

transparency and perceived control over their own data, people 

are willing to tolerate higher intrusions into their privacy, 

especially in cases where they perceive a technological or 

societal benefit. The effect of age was also significant, thus 

confirming hypothesis H2. The results showed that as the age 

of respondents increases, their likelihood of interest in AI 

decreases, and at the same time their willingness to provide 

personal data decreases. Older respondents showed higher 

levels of reticence, which may be related to lower digital 

literacy, less trust in digital technologies, as well as a stronger 

perception of privacy risks [15]. The above is consistent with 

research suggesting that younger people, particularly 

Generations Z and Y, have grown up in a digital technology 

environment where sharing personal data is perceived as a 

normal part of everyday life [16]. Conversely, older people, e.g., 

baby boomers and older, are more likely to express concerns 

about data misuse and are less inclined to share personal 

information, especially if the purpose and use of the 

information is not clearly communicated. These age groups 

differences in attitudes towards AI and data protection have 

practical implications. They point to the need for targeted 

communication and education strategies that reflect the 

specificities of each age group [17]. For younger generations, it 

is important to provide them with the tools to critically evaluate 

the credibility of technology and its ethical aspects, while for 

older generations, trust and reducing technological insecurity 

through information sharing is needed [18]. An important 

aspect of the results is the polarization of the group that 

indicated situation-dependent as an answer to the question 

regarding consent to data collection. That cohort showed the 

lowest proportion of interest in AI education, suggesting that it 

may be an indeterminate position in relation to data privacy that 

is associated with lower technological engagement. Individuals 

are unlikely to perceive digital technology as something that is 

directly relevant to their lives or professional development, and 

thus have no motivation to engage in further education in this 

area. In conclusion, the research results clearly confirm that 

willingness to provide personal data and interest in AI 

education are related and that the above relationship is strongly 

influenced by the age of the respondents. The above findings 

are of fundamental importance for the design of educational 

policies, but also for the development of AI tools, which will 

require a transparent and ethical approach to data processing if 

they are to be widely accepted by different population groups. 

6. Conclusions 

The investigation yielded clear conclusions that the 

relationship between willingness to provide personal data 

and interest in further information in the field of artificial 

intelligence is not only statistically significant, but also 

significantly influenced by demographic factors, namely the 

age of the respondents. The confirmation of both research 

hypotheses suggests that technological openness and 

attitudes towards data sharing are not isolated phenomena, 

but are intertwined and at the same time reflect the broader 

context of trust, digital literacy and perceptions of the 

benefits of technology. Younger age groups, who are 

extensively engaged in digital environments and are more 

willing to share their data, represent a natural audience for AI 

activities. Conversely, older age groups require a more 

optimised communication setup with an emphasis on 

transparency, security and explanation of the practical 

relevance of AI to their daily lives. At the same time, it has 

been confirmed that willingness to provide personal data can 

itself be an indicator of broader trust in technologies and the 

companies that develop them. In terms of practical benefits, 

the results suggest the need for a differentiated approach 

when designing communication strategies aimed at 

developing AI awareness. From this perspective, it is crucial 

that the developpers of AI systems, as well as the institutions 

providing digital education, take into account not only the 
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technical parameters and functionality of the tools, but also 

the ethical, legislative and communication aspects related to 

data processing. Policy makers should establish regulations 

promoting data privacy, educational institutions should raise 

awareness and educate about data privacy practices, and 

companies should implement robust data privacy 

measures—collectively building public trust to enhance 

participation in the deployment and adoption of AI 

technologies. The results of the study contribute to a better 

understanding of the factors that shape the relationship 

between people and AI technologies and provide a basis for 

future research that could add qualitative insights into the 

motivations, concerns and specific barriers related to the 

willingness to share personal data in the digital space. 

They also open up a space for discussion on how AI can 

be adopted inclusively, across age and value differences in 

society. 
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