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Abstract 

Amid the wave of digital transformation, the widespread adoption of artificial intelligence (AI) has become an unstoppable 

trend. An increasing number of organizations are embracing AI to boost efficiency, streamline processes, and enhance 

decision-making quality. However, while AI helps improve organizational performance, it also exerts a profound influence on 

employees’ professional attitudes and behaviors. Exploring the impact of artificial intelligence applications on employees' 

career commitment is crucial. Grounded in the person-environment fit theory, this study aims to investigate how AI usage 

influences employees' career commitment through the mediating role of job crafting and the moderating role of AI awareness. 

Based on an empirical analysis of two hundred and two survey responses, the study reveals that AI usage positively correlates 

with employees' career commitment. Job crafting mediates this relationship, enhancing the positive effect of AI usage on career 

commitment. Additionally, AI awareness functions as a moderator, negatively adjusting both the impact of AI usage on job 

crafting and the indirect effect of AI usage on career commitment through job crafting. The research findings not only deepen 

our understanding of the relationship between AI usage and employee career commitment, but also offer theoretical grounding 

and practical guidance for organizations seeking to manage employee uncertainty and negative expectations while advancing 

intelligent transformation. 
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1. Introduction 

Artificial intelligence (AI), as the core driving force of the 

Fourth Industrial Revolution, is profoundly transforming the 

global labor market, reshaping employees' work methods and 

career paths. Compared to traditional technologies, AI offers 

higher efficiency, precision, and more human-like intelli-

gence [1]. Over the past few years, 80% of large enterprises 

have integrated artificial intelligence into their core operations 

[2]. From business management and manufacturing to mar-

keting, AI is streamlining processes, boosting efficiency, and 

fundamentally changing the way employees work [3, 4]. 

Studies have shown that AI usage can enhance employee job 

satisfaction, organizational commitment, work performance, 
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and innovative behavior [5, 6]. However, the widespread use 

of AI is not without its downsides. Its automation and intel-

ligence capabilities may diminish the need for certain core job 

skills and even heighten concerns about job security [7]. As 

AI continues to integrate into various industries, the work-

place environment is undergoing significant transformation. 

Employees must adapt to new work models and technological 

tools, which could also influence their career paths [8]. At the 

same time, their perspective on work is shifting [9]. As an 

important professional attitude [10], career commitment is 

likely to be impacted in this wave of change. 

Career commitment refers to an individual's sense of iden-

tity with their profession and their willingness to invest in it 

over the long term. It is a crucial factor in determining career 

stability and the quality of career development [10]. Low 

career commitment can lead to a series of negative conse-

quences, such as increased turnover intentions [11], which in 

turn affect organizational stability. However, Employees with 

high career commitment are more willing to invest in their 

work, proactively learn and develop new skills, and enhance 

their ability to adapt to the professional environment. Their 

goal is to achieve their career objectives or to remain in their 

current profession [12]. Although existing research has ex-

plored the impact of AI applications on job satisfaction, or-

ganizational commitment, and job performance [5, 6, 13], 

there is still a lack of systematic discussion on how AI in-

fluences employees' career commitment. In particular, in the 

context of the growing career disruption caused by AI, it is 

crucial to clarify its impact mechanisms on career commit-

ment and propose corresponding motivational measures. This 

is an urgent issue that needs to be addressed in the process of 

AI-driven transformation. 

According to the person-environment fit theory, the degree 

of alignment between individuals and their work environment 

influences both vocational adaptability and career success 

[14]. As AI continues to reshape the workplace, it brings both 

challenges and opportunities. Employees must continually 

learn new technologies, refine their career goals, and adjust 

their work strategies to keep pace with evolving job demands 

[15]. In this process, job crafting may play a crucial role in 

helping employees proactively navigate AI-driven changes 

and sustain their career commitment. Job crafting is when 

employees take the initiative to reshape their tasks, work 

methods, and interactions to better align with their interests, 

values, and career growth [16]. By actively engaging in job 

crafting, employees gain a clearer sense of their value in ca-

reer development, reinforcing their professional identity and 

sense of belonging. This intrinsic motivation, in turn, 

strengthens their career commitment and lays the groundwork 

for long-term growth [17]. Therefore, this study suggests that 

job crafting may serve as a key mediating mechanism through 

which AI usage influences employees' career commitment. 

AI awareness, first introduced by Brougham and Haar in 

2018, refers to an individual’s perception of the threat posed 

by AI technology [9]. With AI technology becoming more 

widely adopted, employees are increasingly aware of its im-

pact, and this perception has a profound impact on their career 

attitudes and behaviors. AI’s automation and intelligence can 

leave employees feeling sidelined [18], diminishing the value 

of their skills and their competitiveness in the job market. 

While they may seek to adapt by adjusting their work strate-

gies. However, if the perceived impact of AI is too over-

whelming, it can lead to anxiety and reduce their willingness 

to proactively reshape their roles [19]. Therefore, AI aware-

ness may serve as a key moderating factor in the relationship 

between AI usage and employees’ career commitment. 

In summary, this study, based on the person-environment 

fit theory, develops a framework exploring the impact 

mechanism of "AI usage—job crafting—career commitment" 

while also examining the moderating role of AI awareness. Its 

potential contributions include:(1) Broadening the Perspec-

tive on AI Usage’s Impact on Career Development: While 

previous studies have primarily focused on AI’s effects on 

employees’ work attitudes and performance, this study shifts 

the focus to its impact on career commitment, providing fresh 

insights into the long-term career implications of AI usage. (2) 

Uncovering the Mechanism Behind AI’s Influence on Career 

Commitment: By introducing job crafting, this study explains 

how employees proactively adjust their work strategies to 

navigate the uncertainties brought by AI-driven changes. It 

expands the understanding of job crafting’s role in career 

adaptation. (3) Introducing AI Awareness as a Moderating 

Factor: This study explores how AI awareness influences the 

relationship between AI usage and job crafting, providing 

theoretical insights into employees' psychological adjustment 

mechanisms in the AI era. This study provides practical in-

sights for business leaders, offering strategies to help em-

ployees enhance career commitment through job crafting. It 

also highlights the importance of effective talent management 

policies to minimize AI’s potential disruptions to job stability. 

2. Research Hypothesis 

2.1. AI usage and Career Commitment 

Career commitment refers to an individual's sense of iden-

tification with their profession and their attitude toward 

staying in that profession [10, 12]. It not only relates to em-

ployee's personal career development but also directly im-

pacts the stability and overall performance of the organization 

[20]. The formation and maintenance of career commitment 

are influenced by various factors, including personality traits, 

organizational environment, and job design [17, 21]. In the 

context of the digital era, the widespread application of arti-

ficial intelligence technology has become a significant factor 

affecting job design [22]. AI usage refers to the extent to 

which employees actively use AI technology to achieve their 

work goals [23], exerting a profound impact on their work 

behaviors and psychological states. Existing research suggests 

that AI technology can enhance employees' work engagement, 
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organizational commitment, and workplace well-being while 

also fostering positive behaviors such as knowledge sharing, 

digital innovation, and job crafting [24, 25]. These positive 

changes not only improve individual employee performance 

but also bring higher efficiency and innovation to the organ-

ization, helping companies maintain a competitive edge in an 

increasingly dynamic market [24]. 

Specifically, AI usage can enhance employees' career 

commitment through the following pathways. Firstly, the 

application of AI technologies, such as smart assistants and 

automation tools, can reduce repetitive and low-value tasks, 

allowing employees more time and energy to focus on more 

challenging and creative work [26, 27]. This shift not only 

increases employees' sense of accomplishment but also en-

hances their sense of career self-efficacy [4]. When employ-

ees have confidence in their abilities, they are more likely to 

develop a positive identification with their profession, which 

in turn fosters higher career commitment [28]. Second, AI 

usage streamline workflows and optimize resource allocation, 

enhancing the comfort of the work environment and increas-

ing employee job satisfaction [13, 29]. Improved job satis-

faction is a crucial prerequisite for strengthening career 

commitment [30]. In addition, AI can provide employees with 

more precise and valuable work advice and guidance through 

data analysis and forecasting, sparking their enthusiasm and 

engagement with their tasks [31, 32]. When employees are 

passionate and fully engaged in their work, they are more 

likely to develop a strong sense of career commitment [33]. 

Based on the above analysis, this study proposes the following 

research hypothesis: 

H1: AI usage positively influences employees' career 

commitment. 

2.2. The Mediating Role of Job Crafting 

Job crafting is a bottom-up approach to work redesign [34], 

where employees proactively adjust and optimize their tasks, 

responsibilities, and work relationships based on their skills, 

interests, and career goals. This process helps employees 

navigate an evolving organizational environment while sup-

porting their personal development needs [16]. By engaging 

in job crafting, employees not only enhance their work effi-

ciency and job satisfaction but also strengthen their sense of 

professional identity and belonging, fostering mutual growth 

between individuals and the organization [35]. Tims and 

Bakker [36], based on the resource perspective and the Job 

Demands-Resources (JD-R) model, proposed four dimen-

sions of job crafting: increasing structural job resources, in-

creasing social job resources, increasing challenging job de-

mands, and decreasing hindering job demands. Increasing 

structural job resources involves enhancing professional skills, 

acquiring new knowledge, and becoming more specialized. 

Increasing social job resources refers to seeking help and 

feedback from colleagues or supervisors. Increasing chal-

lenging job demands includes being willing to take on addi-

tional tasks and seeking more opportunities for growth or 

challenges. Decreasing hindering job demands involves alle-

viating work-related stress and emotional exhaustion [36]. In 

the context of AI increasingly permeating the workplace, AI 

usage has significantly changed the way employees work, 

thereby driving job crafting [25]. 

On one hand, AI, as a new work environment, sets higher 

standards for jobs, requiring employees to possess stronger 

professional expertise and skill levels to handle complex and 

ever-changing tasks [37]. Additionally, AI provides employ-

ees with abundant control resources, such as smart office 

software and data analysis tools, enabling them to complete 

tasks more efficiently [38]. This positive balance between 

high job demands and ample job control resources helps em-

ployees better engage in job crafting [39]. 

On the other hand, AI usage has greatly enriched the re-

sources available to employees, enabling the automation and 

intelligent optimization of work processes. Employees can 

now arrange their tasks according to their preferences and 

plans, which enhances their sense of job autonomy [40]. Job 

autonomy is a key driver of job crafting [41], as it enables 

employees to adjust their tasks based on their interests and 

expertise. Moreover, in order to better utilize AI, employees 

need to rely on smart learning platforms to acquire new 

knowledge and skills, enhancing their professional capabili-

ties [42]. This process helps them become more specialized, 

enabling access to more resources and, in turn, fostering 

greater job crafting behavior. 

Finally, whereas employees previously relied primarily on 

interpersonal interactions for workplace collaboration, the 

development of AI technology has prompted them to redefine 

their interactions with AI systems, colleagues, and clients [43]. 

Employees may begin to view AI as a partner in their work 

rather than just a tool or a threat [43]. In a well-functioning 

human-AI collaboration, AI can quickly process data and 

perform precise calculations, while employees can leverage 

their creativity, emotional insight, and decision-making abil-

ities [27]. This complementary nature of both enables em-

ployees to break through traditional work limitations, tackle 

more challenging and innovative tasks, and fosters job craft-

ing behavior [44]. Based on the above analysis, this study 

proposes the following research hypothesis: 

H2a: AI usage positively influences job crafting. 

Existing research suggests that job crafting is an important 

antecedent variable of career commitment [45]. Chinese 

scholars Chang et al. [17] have found that employees who 

engage in job crafting behaviors tend to exhibit higher levels 

of career commitment. This relationship can be explained 

through the "empowerment-adaptation-identification" 

mechanism: Job crafting grants employees with more au-

tonomy, allowing them to adjust their tasks and enhance their 

sense of control over their careers [46], thus empowering 

them. As employees continuously learn AI-related skills in 

the process of job crafting, they adapt to the rapidly changing 

work environment [47]. This learning process strengthens 
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their professional capabilities, making them more apprecia-

tive of their current career opportunities and increasing their 

adaptability. As job crafting deepens, employees experience 

greater job satisfaction and develop a stronger sense of iden-

tification with their career roles, ultimately reinforcing their 

career commitment [30]. Additionally, employees' use of AI 

technology helps them handle routine tasks, allowing them to 

focus on more challenging and meaningful work. This, in turn, 

enhances their job satisfaction and career stability [48]. When 

employees experience greater autonomy, personal growth, 

and find more meaning in their work, their level of career 

commitment is further strengthened [17]. Based on this, our 

study posits that artificial intelligence usage drives employees 

to reshape their work, which in turn enhances their career 

commitment. Above all, the following research hypotheses 

are proposed in this study: 

H2b: Job crafting positively influences employees' career 

commitment. 

H2c: Job crafting mediates the relationship between AI 

usage and career commitment. The stronger the AI usage, the 

more pronounced the job crafting, and the higher the career 

commitment. 

2.3. Moderating Effect of AI Awareness 

AI awareness refers to employees' perception of the poten-

tial threat that AI technology may pose to their career devel-

opment [9]. It not only reflects their vigilance toward tech-

nological changes but also highlights their uncertainty and 

anxiety regarding job stability [7]. Previous research has 

mainly focused on the negative impact of AI awareness on 

employees. Studies have shown that a higher awareness of AI 

can lead employees to perceive career threats, reduce their 

sense of organizational support, and decrease their job satis-

faction and work engagement [9]. In addition, AI awareness is 

also closely related to job burnout, emotional exhaustion, and 

organizational deviance [9]. 

In the face of the impact of AI technology, employees may 

feel the instability of their work roles and perceive that their 

professional skills are gradually being replaced by AI [49]. 

This sense of disruption may influence employees' behavioral 

choices through cognitive and emotional mechanisms: In 

terms of cognitive mechanisms, employees may perceive their 

job roles and professional identities are under threat, believing 

that AI development will diminish their career competitive-

ness [50]. This, in turn, may reduce their confidence in pro-

fessional growth and decrease their willingness to proactively 

adapt to their work [19]. In terms of emotional mechanisms, 

AI awareness can trigger anxiety and burnout. These negative 

emotions and states deplete employees' psychological re-

sources [7], making them more likely to adopt conservative 

strategies rather than actively engaging in job crafting [51]. 

Specifically, AI awareness may weaken the positive effect of 

AI usage on job crafting. This influence manifests in the fol-

lowing ways: First, employees may feel insecure about AI 

potentially replacing their jobs, leading them to reduce at-

tempts to adjust and optimize tasks in order to avoid in-

creasing job uncertainty [9]. Second, when employees 

strongly perceive the competitive pressure and job replace-

ment risks posed by AI, they may worry that the skills they’ve 

mastered could become obsolete due to AI’s involvement [52]. 

As a result, they may lack the motivation to participate in 

relevant training and learning activities, causing them to fall 

behind in the process of job crafting [3]. Finally, when em-

ployees have a high level of AI impact awareness, they may 

underestimate their ability to cope with change, believing they 

cannot effectively use AI to improve work efficiency or 

achieve breakthroughs [53]. This low sense of self-efficacy 

further diminishes their motivation and confidence to engage 

in job crafting [54]. In summary, this study proposes the fol-

lowing hypothese: 

H3: AI awareness negatively moderates the relationship 

between AI usage and employees' job crafting. 

Person-environment fit theory emphasizes that individual 

behavior results from the interaction between a person and 

their environment. It suggests that the degree of alignment 

between an individual and their work environment is a key 

predictor of work attitudes and behaviors. When individuals 

can adapt to environmental changes, they are more likely to 

develop positive work attitudes and behaviors, whereas a 

mismatch with the environment may lead to negative out-

comes [14]. In the AI-driven workplace transformation, AI 

usage has profoundly altered both the way employees work 

and the work environment itself, becoming a crucial envi-

ronmental factor influencing employees' career development 

[19]. When employees have a strong sense of AI awareness, 

they may feel that their skills are gradually mismatched with 

the organization's needs, leading to a sense of career insecu-

rity [55]. This insecurity can reduce their work engagement 

and weaken their willingness and motivation to proactively 

engage in job crafting [56]. As a result, they may be more 

inclined to maintain the status quo rather than proactively 

adapting to technological changes. Therefore, AI awareness 

may weaken the positive impact of AI usage on employees' 

career commitment through job crafting. When AI awareness 

is high, even if AI technology facilitates job crafting, its pos-

itive effects may be offset by anxiety, career insecurity, and 

negative emotions. As a result, the ultimate influence of AI 

usage on career commitment may be diminished. In summary, 

this study proposes the following hypothesis: 

H4: AI awareness negatively moderates the indirect effect 

of AI usage on employees' career commitment through job 

crafting. The stronger an employee's AI awareness, the 

weaker the positive impact of AI usage on career commitment 

via job crafting. 

In summary, the theoretical model of this study is presented 

in Figure 1. 
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Figure 1. Theoretical model. 

3. Materials and Methods 

The Materials and Methods section should provide com-

prehensive details to enable other researchers to replicate the 

study and further expand upon the published results. If you 

have multiple methods, consider using subsections with ap-

propriate headings to enhance clarity and organization. 

3.1. Sample and Procedure 

This study collected survey data from corporate employ-

ees across various industries nationwide using online plat-

forms such as Credamo, similar to Mechanical Turk, ensur-

ing broad participation through electronic questionnaires. 

Before distributing the questionnaire, employees were in-

formed about the academic purpose of the study, assured of 

anonymity and confidentiality, and clarified that the survey 

was solely for research purposes. Only after obtaining their 

consent were they invited to complete the questionnaire. To 

reduce common method bias, this study adopted a 

time-lagged design, collecting data at two separate points 

with a one-month interval. Responses were tracked and 

matched using anonymous coding to ensure accuracy and 

confidentiality. At Time Point 1, participants' demographic 

information was collected, including gender, age, education-

al background, years of work experience, and type of em-

ploying organization. Subsequently, measurements of AI 

usage and AI awareness were conducted. At Time Point 2, 

employees who participated in the Time Point 1 survey were 

tracked and asked to complete measures of job crafting and 

career commitment. A total of 251 valid questionnaires were 

collected for this study. After removing responses that 

showed obvious patterns, contained missing values, or had 

contradictory answers, 202 questionnaires were retained, 

resulting in a final valid response rate of 80.5%. 

The sample characteristics are as follows: there are 83 

men (41.1%) and 119 women (58.9%). In terms of edu-

cation level, 3 participants (1.5%) had a high school di-

ploma or below, 33 (16.3%) held a college diploma, 124 

(61.4%) had a bachelor's degree, and 42 (20.8%) held a 

master's degree or higher. Regarding company type, 55 

participants (27.2%) worked in government agencies or 

state-owned enterprises, 108 (53.5%) were employed in pri-

vate companies, 18 (8.9%) worked in foreign or joint ven-

tures, and 21 (10.4%) were in other types of organizations. 

As for work experience, 25 participants (12.3%) had less 

than a year of work experience, 73 (36.1%) had 1 to 5 years, 

58 (28.7%) had 6 to 10 years, 28 (13.9%) had 11 to 15 years, 

9 (4.5%) had 16 to 20 years, and 9 (4.5%) had more than 20 

years of experience. 

3.2. Measures 

The study employed well-established scales developed by 

international scholars, all of which used a five-point Likert 

scale, ranging from 1 ("strongly disagree") to 5 ("strongly 

agree"). 

Artificial intelligence usage. This study utilized the scale 

developed by Tang et al. [23], which consists of three items: 

“I used artificial intelligence to carry out most of my job 

functions,” “I spent most of the time working with artificial 

intelligence,” and “I worked with artificial intelligence in 

making major work decisions.” In this study, the scale had a 

Cronbach's α coefficient of 0.871. 

Artificial intelligence awareness. This study used the scale 

developed by Brougham and Haar [9], which includes four 

items, such as "I think my job could be replaced by AI," "I 

am personally worried that what l do now in my job will be 

able to be replaced by AI," "I am personally worried about 

my future in my organization due to AI replacing employ-

ees," and "I am personally worried about my future in my 

industry due to AI replacing employees." In this study, the 

scale had a Cronbach’s α of 0.896. 

Job crafting. This study used the job crafting scale devel-

oped by Tims and Bakker [36], with modifications to ac-

commodate practical considerations, resulting in a total of 17 

items. Key items include "I ask others for feedback on my 

job performance," "I try to develop my capabilities," and so 

on. In this study, the scale had a Cronbach’s α of 0.702. 

Career commitment. This study utilized the career com-

mitment scale developed by Suddaby, Gendron, and Lam 

[57], consisting of seven items. A key item includes, "My 

current job is an important part of my career," and so on. In 

this study, t the scale had a Cronbach’s α of 0.839. 

Control variables. Consistent with previous studies by Zhu 

et al. [21], Son and Kim [33], this study included employees’ 

gender, age, education level, marital status, tenure, and or-

ganization type as control variables. 

3.3. Analytical Methods 

This study conducted statistical analyses using SPSS 27.0 

and Mplus 8.3. Specifically, Mplus 8.3 was used for con-

firmatory factor analysis and common method bias testing. 

SPSS 27.0 was employed for Harman’s single-factor analysis, 

descriptive statistics, correlation analysis, and hierarchical 

regression analysis. Additionally, the SPSS PROCESS 4.1 

macro was used to test the main effects, mediation effects, 

and moderated mediation effects. 

http://www.sciencepg.com/journal/ajap


American Journal of Applied Psychology http://www.sciencepg.com/journal/ajap 

 

106 

4. Results 

4.1. Confirmatory Factor Analysis 

This study used Mplus 8.3 for confirmatory factor analysis 

(CFA) to assess the discriminant validity between the four key 

variables: AI usage, career commitment, job crafting, and AI 

awareness. As shown in the results of Table 1, the results 

indicated that the four-factor model exhibited good fit indices 

(χ² = 840.222, df = 458, CFI = 0.832, TLI = 0.818, RMSEA = 

0.064, SRMR = 0.074) and was significantly superior to other 

models, demonstrating strong discriminant validity among the 

variables. 

Table 1. Confirmatory factor analysis. 

Model 𝝌𝟐  df 𝝌𝟐/𝒅𝒇  CFI TLI RMSEA SRMR 

Four-factor model: AU; 

JC; AIA; CC 
840.222 458 1.835*** 0.832 0.818 0.064 0.074 

Three-factor model 1: 

AU+JC; AIA; CC 
1130.229 461 2.452*** 0.705 0.683 0.085 0.092 

Three-factor model 2: 

AU; JC+AIA; CC 
1238.389 461 2.686*** 0.658 0.632 0.091 0.138 

Three-factor model 3: 

AU +AIA; JC; CC 
1309.819 461 2.841*** 0.626 0.598 0.095 0.100 

Three-factor model 4: 

AU; JC; AIA+CC 
1382.445 461 2.999*** 0.594 0.564 0.099 0.141 

Two-factor model: AU; 

JC+AIA+CC 
1404.770 463 3.034*** 0.585 0.556 0.100 0.101 

One-factor model: 

AU+JC+AIA+CC 
1741.595 464 3.753*** 0.438 0.399 0.117 0.109 

CLF model 701.921 426 1.648*** 0.878 0.858 0.057 0.065 

Note: N = 202; AU = artificial intelligence usage, JC = job crafting, AIA = AI awareness, CC = career commitment, “+” represents merging 

variables into a single factor, CLF = four-factor model + common method factor; *p＜0.05, **p＜0.01, ***p＜0.001. 

4.2. Common Method Bias 

This study used Harman’s single-factor test to examine 

common method bias. The results of the unrotated exploratory 

factor analysis revealed nine factors with eigenvalues greater 

than one. The first principal component explained 21.619% of 

the variance, which is below the 40% threshold typically used 

to assess common method bias. Subsequently, following the 

method outlined by Podsakoff et al. [58], this study incorpo-

rated an unmeasured common method latent factor into the 

confirmatory factor analysis to construct a five-factor model. 

This model was then compared with the four-factor model. 

The results showed that adding the common method factor did 

not substantially improve model fit, as the changes in fit in-

dices were minimal (ΔCFI = 0.046, ΔTLI = 0.040, ΔRMSEA 

= 0.007, ΔSRMR = 0.009). Therefore, common method bias 

does not pose a threat to the validity of the study's findings. 

4.3. Descriptive Statistical Analysis 

Figure 2 are the means, standard deviations, correlation 

coefficients, and their significance levels for all variables. The 

results show that AI usage is significantly positively corre-

lated with job crafting (r = 0.385, p < 0.01) and with career 

commitment (r = 0.357, p < 0.01). Additionally, job crafting is 

significantly positively correlated with career commitment (r 

= 0.566, p < 0.01). Next, the study calculated the variance 

inflation factor (VIF) for each variable. The results showed 

that the maximum VIF was 1.206, well below the critical 

threshold of 10, indicating that there is no severe multicol-

linearity among the variables. 
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Figure 2. Descriptive statistics and correlations among variables. 

4.4. Hypothesis Testing 

4.4.1. Main Effect and Mediation Effect Testing 

The results of the hierarchical regression analysis in this 

study are shown in Table 2. 

Table 2. Hierarchical regression analysis. 

Variables 

Job Crafting 
Career Commit-

ment 

M1 M2 M3 M4 

Control Variables     

Gender 0.053 0.037 -0.007 -0.034 

Age -0.042 -0.013 0.180 0.201 

Marital 0.103 0.052 -0.030 -0.083 

Education 0.162 0.063 0.084 0.002 

Tenure 0.019 0.002 0.001 -0.009 

Enterprise 0.006 0.006 -0.045 -0.048 

Independent Var-

iable 
    

AI Usage 0.377*** 0.116*** 0.351*** 0.160 

Mediator     

Job Crafting    0.508*** 

Moderator     

AI Awareness  -0.025   

Interaction     

AI Usage × AI 

Awareness 
 -0.053**   

R2 0.185 0.220 0.159 0.370 

ΔR2 0.136 0.029 0.118 0.210 

F 6.275*** 6.060*** 5.245*** 14.143*** 

Note: N = 202; *p＜0.05, **p＜0.01, ***p＜0.001. 

Test of Hypothesis 1 (Main Effect): As shown in Model 3, 

AI usage has a significant positive effect on career commit-

ment (β = 0.351, p < 0.001). Therefore, Hypothesis 1 is sup-

ported. 

Test of Hypothesis 2 (Mediation Effect): This study tested 

the mediation effect following the approach outlined by Baron 

and Kenny [59]. As shown in Model 1, AI usage has a sig-

nificant positive effect on job crafting (β = 0.377, p < 0.001), 

supporting Hypothesis 2a. As shown in Model 4, when both 

AI usage and job crafting are included in the regression 

equation, job crafting positively influences career commit-

ment (β = 0.508, p < 0.001). The positive effect of AI usage on 

career commitment weakens but is not significant (β = 0.160, 

p > 0.05). Therefore, job crafting mediates the relationship 

between AI awareness and career satisfaction, supporting 

Hypotheses 2b and 2c. 

To further validate the significance of the mediation effect, 

this study followed the approach of Preacher and Hayes and 

employed the Bootstrap method to test the mediating role of 

job crafting. Specifically, Model 4 was set in PROCESS, with 

5,000 bootstrap samples drawn to calculate the 95% confi-

dence interval. The results show that the total effect of AI 

usage on career commitment is 0.235, SE = 0.045, with a 95% 

confidence interval of [0.1460, 0.3234], which does not in-

clude 0. The direct effect is 0.107, SE = 0.042, with a 95% 

confidence interval of [0.0236, 0.1900], which also does not 

include 0. The indirect effect is 0.128, SE = 0.027, with a 95% 

confidence interval of [0.0778, 0.1849], which does not in-

clude 0. These findings confirm that job crafting mediates the 

relationship between AI usage and career commitment, 

providing further support for Hypothesis 2c. 

4.4.2. Moderating Effect Testing 

Test of Hypothesis 3 (The Moderating Role of AI Aware-

ness): As shown in Model 2 of Table 3, the interaction term 

between AI usage and AI awareness significantly predicts job 

crafting (β = -0.053, p < 0.01), indicating the presence of a 

moderation effect. Further following the approach of Preacher 

et al., a simple slope analysis was conducted by categorizing 

AI awareness into high and low levels. An interaction effect 

plot was then generated to visualize the results. As shown in 

Figure 3, when AI awareness is low, the regression slope 

between AI usage and job crafting is stronger. However, when 
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AI awareness is high, the regression slope between AI usage 

and job crafting is weaker. These results suggest that AI 

awareness negatively moderates the relationship between AI 

usage and job crafting. Specifically, the higher the AI 

awareness, the weaker the positive effect of AI usage on job 

crafting. Thus, Hypothesis 4 is supported. 

 
Figure 3. The moderating effect of AI awareness on AI usage and job crafting. 

4.4.3. Moderated Mediation Effects Testing 

This study further employed the Bootstrap method in the 

PROCESS program to test the moderated mediation effect. 

The results show that the index of moderated mediation is 

-0.061, with a 95% confidence interval of [-0.1088, -0.0235], 

which does not include 0. This indicates that the moderated 

mediation effect is significant. As shown in Table 3, when AI 

awareness is high (M + 1SD), the indirect effect of AI usage 

on career commitment through job crafting is 0.049, SE = 

0.039, with a 95% confidence interval of [-0.0300, 0.1215], 

which includes 0. However, when AI awareness is low (M – 

1SD), the indirect effect of AI usage on career commitment 

through job crafting is 0.185, SE = 0.036, with a 95% confi-

dence interval of [0.1207, 0.2584], which does not include 0. 

The difference in the mediation effect of job crafting at high 

and low levels of AI awareness is significant, with a differ-

ence value of -0.136, SE = 0.049, and a 95% confidence in-

terval of [-0.2441, -0.0503], which does not include 0. These 

results demonstrate that AI awareness negatively moderates 

the indirect effect of AI usage on career commitment through 

job crafting. Thus, Hypothesis 3 is supported. 

Table 3. Results of moderated mediation tests. 

Mediator Moderator Indirect Effects SE Bias Corrected 95% CI 

Job Crafting 

Low AI Awareness 0.185 0.036 [0.1207, 0.2584] 

High AI Awareness 0.049 0.039 [-0.0300, 0.1215] 

Slop Difference -0.136 0.049 [-0.2441, -0.0503] 

 

5. Discussion 

This study has important implications for theory and re-

search. Firstly, this study broadens the academic perspective 

on AI’s affects consequences by examining it through the lens 

of career development, providing new insights into how AI 

usage shapes employees’ long-term professional growth. 

Existing research has largely examined AI’s impact on em-

ployees’ work attitudes, such as organizational commitment, 

job engagement [7], and job satisfaction [13], while also 

pointing to its downsides, including heavier workloads, job 

burnout, and higher turnover intentions [9, 19]. However, AI 

is not just a threat—it can also create opportunities that inspire 

employees to strengthen their career commitment. Drawing 

on the person-environment fit theory, this study reveals that 

AI usage strengthens career commitment by encouraging 
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employees to engage in job crafting. This finding provides 

deeper insights into AI’s role in career development. More-

over, this finding aligns with Brougham and Haar’s [9] call 

for greater focus on employees’ career development in future 

research, adding depth to the study of career management. 

Secondly, this study reinforces AI usage as a crucial envi-

ronmental factor shaping employees’ career commitment, 

broadening the current understanding of the factors that in-

fluence career commitment. Existing literatures have explored 

career commitment through the lens of individual factors, 

such as personality traits and career self-efficacy [21, 60], or 

organizational influences, including workplace culture and 

job engagement [21, 33]. However, this study highlights AI 

usage as a contextual factor that enhances employees' career 

commitment, broadening the scope of existing research. This 

perspective encourages future scholars to examine how other 

environmental factors—such as government policies, eco-

nomic trends, and cultural influences—impact career com-

mitment in the AI era. 

Furthermore, this study uncovers the mediating role of job 

crafting in the relationship between AI usage and employees’ 

career commitment, offering deeper insights into how job 

crafting contributes to the formation of career commitment. 

While prior studies have explored the mechanisms underlying 

career commitment, research in this area remains limited. For 

instance, Chen et al. [61] found through empirical analysis 

that career concern enhances career commitment via career 

exploration and career decision-making self-efficacy. Simi-

larly, Son and Kim [33] identified work engagement as a 

mediating factor in the positive relationship between career 

growth and career commitment. However, few studies have 

considered the mediating role of job crafting in this process. 

Finally, this study sheds light on the moderating role of AI 

awareness, clarifying the boundary conditions in the relation-

ship between AI usage and employees' career commitment. As 

a key factor in employees' perception of AI-related threats, AI 

awareness plays a pivotal role in shaping their work attitudes 

and behaviors. Existing research has primarily focused on 

workplace factors that shape the boundaries of career com-

mitment, such as time, perceived organizational support, and 

job autonomy [62]. This study examines how AI awareness 

moderates the relationship between AI usage and job crafting, 

as well as the relationship between job crafting and employees’ 

career commitment. By doing so, it advances research on the 

boundary conditions influencing career commitment. 

6. Conclusions 

This study, drawing on a sample of 202 working profes-

sionals and the person-environment fit theory, explores how 

AI usage shapes employees' career commitment through job 

crafting and examines the moderating effect of AI awareness 

on this relationship. The empirical findings indicate that: (1) 

AI usage is positively correlated with employees’ career 

commitment; (2) job crafting mediates the relationship be-

tween AI usage and career commitment—higher AI usage 

encourages greater job crafting, which in turn strengthens 

career commitment; (3) AI awareness negatively moderates 

both the relationship between AI usage and job crafting and 

the indirect effect of AI usage on career commitment. 

7. Limitations and future research 

direction 

This study has several limitations. First, the sample in this 

study is drawn from a wide range of companies across the 

country, lacking in-depth analysis of different industries and 

job characteristics. Employees in different sectors and roles 

may vary significantly in their acceptance of AI, approaches 

to job crafting, and levels of career commitment. Future re-

search could focus on more detailed surveys across different 

industries and job types, conducting comparative studies to 

explore how AI usage impacts career commitment in diverse 

groups. Second, although this study collected data at multiple 

time points to reduce common method bias, the relatively 

short time interval between data collections may not have 

fully captured the causal relationships between the variables. 

Future research could extend the time interval between data 

collection to more accurately observe and analyze the dy-

namic changes between variables. Third, while this study 

examined the role of job crafting based on the per-

son-environment fit theory, the impact of AI adoption on 

employees' career commitment is likely more intricate and 

may also be influenced by factors such as job mobility and occu-

pational anxiety, which warrant further investigation. Finally, this 

study considered AI awareness as the sole boundary condition. 

Future research could broaden this perspective by examining other 

moderating factors, such as psychological capital and organiza-

tional support, to develop a deeper understanding of how AI usage 

influences employees' career commitment. 
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