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Abstract

This study examined the role of Artificial Intelligence (Al) in entrepreneurial decision-making, with a focus on the human-Al
interface in startups and small businesses. As Al technologies become more embedded in entrepreneurial ecosystems, it is
essential to understand how entrepreneurs interpret, adapt, and apply Al-driven insights alongside human judgment. Employing
a mixed-methods approach of survey, the research explored how entrepreneurs integrate Al into strategic and operational
decisions, as well as the perceived benefits and limitations of this integration. Findings indicated that Al enhances decision-
making efficiency, provides predictive insights, and supports opportunity recognition, yet challenges remain in areas such as
trust, contextual interpretation, and system accessibility for resource-constrained ventures. Entrepreneurs emphasized the need
to balance machine-generated intelligence with human intuition and domain expertise to avoid over-reliance on automated
systems. The study contributes to the growing literature on Al in entrepreneurship by highlighting the conditions under which
human-Al collaboration is most effective. It further offers practical insights for entrepreneurs seeking to integrate Al tools,
policymakers aiming to design supportive ecosystems, and developers building Al systems tailored to the realities of startups
and small enterprises. Ultimately, the research underscored the importance of promoting a symbioatic relationship between human
decision-makers and Al technologies to achieve sustainable entrepreneurial outcomes.
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1. Introduction

Artificial Intelligence (Al) has long captured human imag-
ination, with early notions of intelligent machines appearing
in mythology and literature, but its scientific foundation was
firmly established in the twentieth century. Al, in contempo-
rary terms, refers to computer systems capable of performing

tasks that ordinarily require human intelligence, such as learn-
ing, reasoning, problem-solving, and decision-making. Its two
most influential branches, machine learning and deep learning,
form the backbone of modern applications. Machine learning
relies on algorithms that learn from data to improve perfor-
mance over time, while deep learning employs multilayered
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neural networks capable of handling more complex, unstruc-
tured tasks such as image recognition and natural language
processing [1].

Following cycles of progress and setbacks, Al has advanced
significantly with the rise of big data, powerful computing,
and breakthroughs in these learning techniques. These devel-
opments have transformed Al into a practical tool capable of
analyzing vast datasets, solving complex problems, and aug-
menting human intelligence in real-world settings [2].

In contemporary business environments, Al has emerged as
a transformative driver of efficiency, innovation, and compet-
itive advantage. By integrating technologies such as predictive
analytics, natural language processing, and robotics, Al ena-
bles organizations to optimize operations, reduce costs, and
accelerate decision-making. For entrepreneurs, particularly in
startups and small businesses, decision-making entails evalu-
ating uncertain opportunities, managing scarce resources, and
allocating efforts strategically. The infusion of Al tools into
this process allows for data-driven insights that complement,
rather than replace, the entrepreneur’s vision and intuition [3].

Despite these opportunities, challenges remain in embed-
ding Al into entrepreneurial decision-making. Ethical con-
cerns, data privacy risks, and potential biases in algorithmic
outputs highlight the need for responsible integration. Moreo-
ver, while Al systems can generate insights with remarkable
precision, they cannot replicate the tacit knowledge, contex-
tual awareness, and creativity entrepreneurs bring to strategic
choices. This dynamic underscores the importance of the hu-
man—Al interface, defined as the interactive space where hu-
man judgment and machine intelligence converge to shape
outcomes [4].

Against this backdrop, this study investigated the role of Al
in entrepreneurial decision-making, focusing on how startups
and small businesses engage with the human—Al interface. By
exploring both the benefits and the limitations of Al adoption
in entrepreneurial contexts, it provides insights into how tech-
nology and human judgment can be balanced to foster inno-
vation, resilience, and sustainable growth in emerging ven-
tures [5].

2. Review of Relevant Literature

2.1. Historical Background

The historical development of Artificial Intelligence (Al)
can be traced back to ancient times when human imagination
envisioned intelligent machines through myths and stories.
For instance, Greek mythology introduced Talos, a bronze au-
tomaton that could think and act independently, while later
works like Mary Shelley's Frankenstein in 1818 explored the
concept of human-created intelligence. However, the formal
foundations of Al emerged in the 20th century, particularly
with Alan Turing's groundbreaking contributions. In 1950,
Turing proposed the Turing Test as a measure of machine in-
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telligence, arguing that if a machine could mimic human con-
versation convincingly, it could be considered intelligent.
Thus, Al as a formal field was established at the Dartmouth
Conference in 1956, where John McCarthy coined the term
"Artificial Intelligence” and, alongside pioneers like Marvin
Minsky and Herbert Simon, envisioned machines capable of
reasoning, learning, and problem-solving [6].

The 1960s and 1970s saw significant progress with devel-
opments like Shakey the Robot, the first machine to combine
movement with reasoning, and the creation of expert systems
designed to simulate human expertise in specific fields. How-
ever, limited computing power and challenges in handling
real-world data led to the Al Winter in the mid-1970s, as fund-
ing and interest declined. Al experienced a revival in the
1980s with advancements in machine learning algorithms and
renewed interest in expert systems, only to face another set-
back by the late 1980s due to their limitations. Al's ability to
process unstructured data and solve complex problems has
transformed industries, including healthcare, finance, and
transportation [7]. Today, Al continues to evolve, with ad-
vancements in Artificial General Intelligence (AGI) and an
emphasis on ethical and responsible Al development. The rise
of Al in decision-making processes has enabled businesses to
harness data for efficiency, innovation, and predictive analyt-
ics. From its early conceptual roots to its current real-world
applications, Al has reshaped how organizations operate and
strategize.

Artificial intelligence (Al) and robotics are revolutionary
technologies that are fundamentally transforming how busi-
nesses function. Al can be described as machine-driven, struc-
tured, and organized information that draws from human in-
sights, including learning, reasoning, and self-correction. Al
enables precise decision-making while saving time and reduc-
ing costs. Its capabilities include data analysis, forecasting,
and identifying trends. Technologically, Al integrates ele-
ments like cloud computing, connected devices, robots, com-
puters, and digital content with various business processes,
systems, and daily operations. Al-driven advancements have
thrived in the past and continue to shape the present, with sig-
nificant implications for the future, particularly in marketing.
Businesses are increasingly adopting Al software to enhance
efficiency, reduce costs, expedite processes, and improve
overall productivity. Organizations that incorporate Al tools
will gain a competitive advantage as technology continues to
evolve rapidly [8].

The two primary categories of Al learning are machine
learning and deep learning. Machine learning mimics human
learning by accumulating experience and leveraging existing
data to build knowledge. With each iteration, the learning pro-
cess becomes more refined and effective. Machine learning
focuses on recognizing patterns that serve as the foundation
for algorithms, though it is often considered a basic form of
Al. Deep learning, on the other hand, is a more advanced sub-
set of machine learning. It involves building neural networks
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that enable Al to learn more complex tasks. Human interven-
tion is often required in deep learning, as Al relies on exam-
ples to learn how to address intricate problems. This form of
learning is used to develop sophisticated systems capable of
solving multifaceted challenges [9].

Despite its transformative potential, integrating Al into or-
ganizational decision-making presents several challenges.
Data privacy and security are significant concerns, as Al relies
heavily on sensitive information. Ethical issues, such as the
responsible and transparent use of Al, must be addressed to
ensure that decisions align with societal norms and values [10].

The adoption of Al in business decision-making holds the
promise of revolutionizing operations and strategies. By im-
proving efficiency, accuracy, and fostering innovation, Al em-
powers organizations to leverage data for well-informed deci-
sions in a constantly changing and competitive environment.
Nevertheless, businesses must navigate Al integration respon-
sibly, balancing its use with considerations of ethics, data se-
curity, and workforce development. As Al technologies con-
tinue to advance, the future of decision-making will be rede-
fined, driving significant change across industries [11].

Artificial Intelligence (Al) has become a critical driver of
innovation and efficiency in the modern business environment.
It refers to the development of computer systems and algo-
rithms capable of performing tasks that typically require hu-
man intelligence, such as data analysis, learning, problem-
solving, and decision-making. Al technologies include ma-
chine learning, predictive analytics, natural language pro-
cessing, and robotics, among others.

In entrepreneurial decision-making, Al plays an increas-
ingly significant role by providing tools that improve accuracy,
speed, and strategic insights. Decision-making in entrepre-
neurship involves identifying opportunities, analyzing risks,
and allocating resources to achieve business objectives. Tra-
ditionally, these processes have relied heavily on human judg-
ment, intuition, and limited data analysis tools. However, with
the rise of Al, entrepreneurs are now able to leverage data-
driven decision-making, enhancing their ability to compete
and thrive in dynamic markets. While Al has the capacity to
process data and predict outcomes with remarkable precision,
the human-Al interface remains critical in entrepreneurial de-
cision-making. This interface represents the collaboration be-
tween human intuition and Al-generated insights. Entrepre-
neurs must interpret, validate, and contextualize Al outputs to
align them with their business goals and external realities [12].

2.2. Theoretical Review

Two pivotal theories developed to address the need for a
balance between social and technical elements within organi-
zations, and also explain how users come to accept and use
new technologies are the Socio-Technical Systems Theory
(STS) and Technology Acceptance Model (TAM), respec-
tively. The Socio-Technical Systems Theory (STS), which
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was initially developed in the 1950s by Eric Trist, Ken Bam-
forth, and their colleagues at the Tavistock Institute in United
Kingdom, arose from their research on coal mining in the UK,
where they observed that the introduction of new technologies
into the workplace often led to unforeseen social conse-
guences, such as employee dissatisfaction and productivity is-
sues. They argued that organizations are not just technical en-
tities but also social systems, and the success of any system
depends on optimizing both elements simultaneously [13].

The core idea of STS is that organizations must be under-
stood and managed as a combination of social and technical
systems. Social systems encompass human elements like em-
ployees, teams, organizational culture, and management,
while technical systems refer to tools, processes, technology,
and machinery. The theory emphasizes that both these sys-
tems must work in harmony to achieve optimal outcomes. One
key concept in STS is "joint optimization," which means that
both the social and technical components of a system should
be designed and optimized together, rather than separately.
This requires a holistic view of the organization, where both
human behavior and technological capabilities are seen as in-
terconnected and interdependent. For instance, when imple-
menting Al or automation tools, it is not enough to simply en-
sure that the technology works well; the social aspects, such
as employee training, job roles, and organizational culture,
must be considered to ensure that employees can effectively
interact with and benefit from the technology [14].

Additionally, STS focuses on adaptability, recognizing that
systems are not static but must evolve over time. As technol-
ogy advances or social needs change, both the social and tech-
nical components of an organization must adapt [1]. STS is
also concerned with worker empowerment and the role of hu-
man agency in technical systems. It advocates for designing
systems that allow employees to have input and control over
how technology is integrated into their work, which helps mit-
igate resistance and promote greater engagement with new
tools and processes [15, 16]. Over time, STS has been applied
to various fields beyond manufacturing and industry, includ-
ing healthcare, education, and, most recently, entrepreneurial
settings, where technology like artificial intelligence plays an
increasingly significant role. The theory continues to be rele-
vant as businesses increasingly adopt Al and other advanced
technologies, emphasizing the need to integrate these tools
with human decision-making to achieve optimal results [17,
18].

In essence, STS provides a framework for understanding
and managing the complexities of modern organizations, par-
ticularly in environments where both social dynamics and
technology play a central role in shaping outcomes. It is this
integrated approach that makes STS particularly valuable in
understanding the relationship between humans and Al in en-
trepreneurial decision-making, as both elements must work to-
gether to foster innovation and drive business success [19].

The Technology Acceptance Model (TAM), developed by
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Davis (1985), is another widely recognized theory that ex-
plains how users come to accept and use new technologies.
TAM s built on the premise that Perceived Ease Of Use
(PEOU) and Perceived Usefulness (PU) are the primary fac-
tors that influence technology adoption. According to TAM,
if technology is perceived to be easy to use and useful in help-
ing users achieve their goals, they are more likely to accept
and integrate the technology into their routine activities [20].
In TAM, Perceived Ease Of Use refers to the degree to which
a person believes that using a particular system would be free
from effort, while Perceived Usefulness refers to the degree to
which a person believes that using the system would enhance
their job performance or fulfill a need. These two variables
directly affect the behavioral intention to use the technology,
which in turn influences actual usage behavior. Over time,
TAM has been expanded to include additional constructs,
such as subjective norms and external variables, to better cap-
ture the complexity of technology acceptance in different con-
texts [21].

The simplicity and adaptability of TAM make it a versatile
model for examining technology acceptance in various fields,
including business, healthcare, and education. It is especially
useful in understanding the factors that drive or inhibit the
adoption of new technologies in organizational contexts [22].
The Technology Acceptance Model (TAM) is highly relevant
to the study of Artificial Intelligence (Al) in entrepreneurial
decision-making. As Al tools become more prevalent in the
business world, understanding how entrepreneurs and their
teams perceive and adopt these technologies is critical for suc-
cessful implementation. In the context of small businesses and
startups, TAM can provide valuable insights into the factors
that influence entrepreneurs' willingness to incorporate Al
into their decision-making processes [3].

Another critical theory, which integrates several models of
technology acceptance, is the Unified Theory of Acceptance
and Use of Technology (UTAUT) proposed by Venkatesh,
Morris, Davis, and Davis in 2003. This theory integrates the
Technology Acceptance Model (TAM), the Theory of
Planned Behavior (TPB), and the Innovation Diffusion The-
ory (IDT), among others. UTAUT aims to provide a unified
framework for understanding the factors that influence user
acceptance of technology. The theory identifies four key con-
structs that directly impact technology acceptance and use:
performance expectancy, effort expectancy, social influence,
and facilitating conditions. In addition to these core constructs,
UTAUT also incorporates moderators such as age, gender, ex-
perience, and voluntariness of use, which can influence the re-
lationships between the constructs and technology acceptance.
UTAUT has been widely used across different sectors to study
technology adoption and use, and its comprehensive nature al-
lows it to address various factors influencing acceptance
across different contexts [23].

The Unified Theory of Acceptance and Use of Technology
(UTAUT) provide a robust framework for understanding the
factors influencing Al adoption in entrepreneurial decision-
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making. As Al technologies are increasingly integrated into
small businesses and startups, the UTAUT framework offers
insights into how entrepreneurs and their teams perceive, ac-
cept, and ultimately use Al systems to enhance business deci-
sions [24]. Additionally, UTAUT acknowledges that modera-
tors like age, gender, and experience can influence the ac-
ceptance of Al. For instance, younger entrepreneurs may be
more inclined to adopt new technologies such as Al, as they
are generally more comfortable with digital tools. Similarly,
entrepreneurs with prior experience in using technology may
have higher confidence in adopting Al solutions [25].

In essence, the Unified Theory of Acceptance and Use of
Technology (UTAUT) offer a comprehensive framework for
understanding the factors that drive Al adoption in entrepre-
neurial decision-making. By focusing on performance expec-
tancy, effort expectancy, social influence, and facilitating con-
ditions, entrepreneurs and business leaders can identify the
key drivers of Al adoption and tailor their strategies to encour-
age acceptance. Ensuring that Al tools are perceived as useful,
easy to use, socially endorsed, and supported by adequate re-
sources can significantly enhance the likelihood of successful
Al integration, leading to better decision-making and im-
proved business outcomes [26].

2.3. Empirical Review

The empirical review explores existing research that exam-
ines the role of Artificial Intelligence (Al) in shaping decision-
making processes in startups and small businesses. Over the
years, Al technologies have become pivotal in entrepreneur-
ship, assisting in data analysis, predicting trends, enhancing
customer engagement, and streamlining operations. Despite
the promises, the adoption of Al in entrepreneurial decision-
making is influenced by various factors, including resource
availability, knowledge of Al, and the readiness of entrepre-
neurs to integrate Al tools into their strategies [27].

Al is a product of entrepreneurship and continues to pro-
mote entrepreneurial activities. It is very germane for entre-
preneurship as it acts as a “catalyst” and "leveler” for small
businesses. It enables them shrink costs, computerize routine
tasks, and favorably compete with bigger businesses. For in-
stance, by providing custom-made customer experiences and
data-driven insights, Al accelerates streamlines operations,
decision-making, and fosters innovation in product design and
marketing. The caveat, however, is that despite its significant
advantages, Al is not a replacement for human judgment.

Entrepreneurial decision-making is often complex, uncer-
tain, and time-sensitive, especially in startups and small busi-
nesses where resources are limited, and mistakes can be costly.
Even though the adoption of Artificial Intelligence (Al) in
business has received increasing scholarly and practical atten-
tion, the majority of research focuses on large corporations
with substantial resources and established infrastructures.
Startups and small businesses, by contrast, operate in environ-
ments characterized by uncertainty, resource scarcity, and
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heightened vulnerability to market shifts. These firms often
lack the technical expertise, financial capacity, and institu-
tional support to fully harness AI’s potential, creating a fun-
damental tension between the promise of Al and the practical
realities of entrepreneurial practice [28].

Furthermore, existing studies have largely examined Al as
a technological tool rather than as part of an interactive system
involving human cognition, judgment, and intuition. This lim-
ited view neglects the complex human-Al interface, where
entrepreneurial decisions are not merely the outcome of algo-
rithmic recommendations but the result of dynamic interpre-
tation, contextualization, and human sense-making. Conse-
quently, there remains a lack of empirical evidence on how
entrepreneurs in startups and small enterprises integrate Al
into their decision-making, how they navigate challenges such
as trust, bias, and interpretability, and how they balance ma-
chine intelligence with experiential knowledge [29].

This gap in knowledge poses both theoretical and practical
problems. Theoretically, it limits our understanding of how
human—Al collaboration shapes entrepreneurial processes and
outcomes. Practically, it constrains the ability of entrepreneurs,
policymakers, and Al developers to design systems and strat-
egies that meet the distinct needs of startups and small firms.
Addressing this problem is therefore essential for advancing
research on Al in entrepreneurship and for enabling smaller
enterprises to effectively leverage Al in ways that enhance in-
novation, competitiveness, and sustainability.

2.4. Conceptual Framework

The conceptual framework in Figure 1 explains how Hu-
man—Al collaboration, which acts as an Independent Variable
(1V) influences entrepreneurial start-ups and small business
performance, herein known as the Dependent Variable (DV)
through entrepreneurial decision-making, which acts as the
Mediating Variable (MV). In this framework, human entre-
preneurs adopt artificial intelligence tools to improve business
decisions making. Improved decisions then enhance organiza-
tional performance with respect to innovation, profitability,
competitiveness and efficiency. In essence, the link between
the variables is such that human-Al collaboration does not
only enhance the speed, quality, and accuracy of entrepreneur-
ial decisions but also leads to effective entrepreneurial deci-
sion making. For instance, Al techniques analyze large da-
tasets which are often very difficult if processed manually.
Then, entrepreneurs easily interpret these insights and employ
strategic judgment. Oftentimes, human—Al collaborations do
not influence business performances directly; instead, their ef-
fects occur through effective entrepreneurial decision-making.
Moreover, this framework aligns with theories like Resource-
Based View (RBV), which states that Al technology is a stra-
tegic resource that improves firm proficiencies; Decision Sup-
port Theory (DST) which posits that Al operates as a decision
support system that improves managerial decision quality; and
Human—Machine Complementarity Theory (HMCT) which
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affirms that humans and Al achieve optimally when their
strengths are merged.

Human-Al Collaboration (1%

« Al Adoption Level
Al Analytics Capabilities

Human-Al Integration [ntensity

I

Entreprencarial Decision-Making
{Mediating Variable)

Decizion Speed

Risk Assesament Accuracy
Opporunity Recognition
Strategic Adaptability

Start-Up & Small Business Performance (D)

Revenue Growth
Innovation Catpuai

Cost Efficiency
Competitive Advantage
Business Survival

Figure 1. Conceptual Framework on the link between Human-Al
collaboration, entrepreneurial decision-making, and business per-
formance.

This study, therefore, assesses the role of Artificial Intelli-
gence (Al) in the decision-making processes of small busi-
nesses with the intention of providing a deeper understanding
of the human—Al interface and highlight its implications for
innovation, resilience, and sustainable growth in entrepreneur-
ial contexts. To achieve this aim, three specific objectives
were drawn. Firstly, by exploring how small businesses per-
ceive the role of Al in their decision-making processes. Sec-
ondly, by identifying the challenges that small businesses face
in adopting Al technologies. And thirdly, by examining how
small businesses integrate Al insights with human judgment
in both strategic and operational decisions.
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3. Methodology

This study adopted a mixed-methods design to investigate
the role of Artificial Intelligence (Al) in entrepreneurial deci-
sion-making among startups and small businesses. The choice
of context was informed by the increasing adoption of inno-
vative tools such as Al within small enterprises that operate in
dynamic and resource-constrained environments in Osun
State, Nigeria. lle-Ife in Osun state, the popularly acclaimed
cradle of mankind, is a town known for its cultural heritage as
well as the home of the renowned Obafemi Awolowo Univer-
sity where many startups and small enterprises exist. Some of
the entrepreneurs, managers, and business owners have em-
braced the advent of Al while some are engaging it with mixed
feelings. Hence, the need to explore the role of Al in entrepre-
neurial decision-making among SMEs in lle-Ife, and precisely
in Obafemi Awolowo University. The university community
has a business hub where a couple of students, staff and people
from lle-Ife township come to operate business activities.

The study population consisted of entrepreneurs, business
owners, and managers who had direct experience with Al ap-
plications in their business operations, particularly in areas
such as marketing, finance, and operations. Due to time and
financial constraints, a sample of 50 respondents was drawn
purposively from the estimated population of 185 businesses
in the hub. Samples were drawn from diverse industries, in-
cluding retail, services, manufacturing, and technology, to en-
sure representation and capture a broad range of perspectives.
Stratification by sector was applied to achieve balance across
the major categories of entrepreneurial activity.

A structured questionnaire served as the primary data col-
lection instrument, designed to elicit information on respond-
ents’ perceptions, challenges, and integration strategies re-
garding Al in decision-making. The questionnaire was care-
fully designed, and pre-tested among a micro group of entre-
preneurs to ensure clarity and reliability of items. After adjust-
ments, the finalized instrument was distributed in person to
the targeted respondents. Cronbach’s alpha was used to meas-
ure the reliability of the questionnaire, and to ensure validity,
the questionnaire was reviewed by experts in Al and entrepre-
neurship research. Feedback was incorporated to refine the in-
struments, ensuring they adequately addressed the research
objectives before being finally distributed. The collection pro-
cess was completed within four weeks, after which responses
were collated, coded, and entered into statistical software for
analysis. This process ensured accuracy, consistency, and
alignment with the study’s objectives. The instrument also
captured demographic details and contextual information rel-
evant to Al adoption in small enterprises.

Data analysis combined both quantitative and qualitative
approaches. Descriptive statistics such as frequencies, per-
centages, and mean scores were employed to summarize re-
sponses, while thematic insights were drawn from open-ended
items to enrich the interpretation. The results were presented
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in tables and narratives, directly addressing the study objec-
tives and offering actionable insights into the human—Al in-
terface in entrepreneurial practice.

The study employed a semi-structured questionnaire as the
primary instrument for data collection. The questionnaire was
partly open-ended, designed to generate both qualitative and
guantitative data on entrepreneurs’ perceptions of Al, chal-
lenges of adoption, and approaches to decision-making. The
instrument was divided into sections that captured demo-
graphic information, Al utilization patterns, and the human-
Al interface in entrepreneurial processes.

The questionnaires were distributed physically among the
sampled entrepreneurs and small business owners. Respond-
ents were given clear instructions, and participation was vol-
untary, with assurances of confidentiality. The collected data
were analyzed using descriptive statistics such as frequencies,
percentages, and mean scores. Results were presented in ta-
bles for clarity and the statistical approach ensured that the
study objectives were addressed systematically, highlighting
how Al is perceived, adopted, and integrated into decision-
making by small businesses.

4. Research Findings

This section presents the findings of the study on the role of
Acrtificial Intelligence (Al) in entrepreneurial decision-making
among startups and small businesses. The analysis is struc-
tured around the research objectives and the results are de-
rived from descriptive statistical analysis of the responses col-
lected.

4.1. Demographic Profile of Respondents

The demographic distribution and nature of business are
presented in Tables 1 and 2 with a total of 50 valid responses
analyzed. 58% represents male respondents while 42% repre-
sents female respondents with a frequency of 29 and 21 re-
spectively. For the age distribution, 46% represents the age
between 18 — 25, 30% represents 26 — 35, 14% represents 36
— 45, 10% represents 45 and above. This confirms a genera-
tional divide, with younger business owners more likely to in-
tegrate Al into operations.

From Table 2, for business type, 40% represents technology
firms, 20% represents services, 22% represents retail and 18%
represents manufacturing with the frequency of 20, 10, 11 and
9 respectively. For business maturity, 24% represents the age
of 7 years, 62% represents the age of 1 — 6 years while 14%
represents less than a year with the frequency of 12, 31, 7 re-
spectively.

All respondents (100%) reported using Al tools. The pri-
mary applications were customer service (38%) and market-
ing (28%), while finance (12%), forecasting (12%), and in-
ventory management (10%) accounted for smaller shares.
This indicates entrepreneurs primarily leverage Al for cus-
tomer-facing functions rather than back-office optimization.
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Table 1. Demographic profile of Respondents.

Demographic Profile of Respondents

Gender

Male

Female

Total

Age Distribution
18-25

26-35

36-45

45 and above

Total

Frequency

29
21
50

23
15
7
5
50

Source: Authors’ Field work.

Percentage (%)

58
42
100

46
30
14
10
100

Table 2. The nature of the business.

Business Type
Technology firms
Services

Retail
Manufacturing
Total

Business Maturity
7 years

1 — 6 years

<1 year

Total

Frequency
20

10

11

9

50
Frequency
12

31

7

50

Source: Authors’ Field work.

4.2. Thematic Insights

On thematic insights, when asked how respondents per-

Percentage
40

20

22

18

100
Percentage
24

62

14

100

ceive the role of Artificial Intelligence (Al) in decision-mak-
ing in their businesses. The following statements reflected
high levels of consensus and minimal variation in opinions.

“I believe Al improves the quality of business decision-
making. Al helps reduce human errors in decision-making and
it is essential for staying competitive in today s business envi-
ronment”.

Thus, addressing the first objective of exploring how small
businesses perceive the role of Al in their decision-making
processes, Table 3 reflects the respondents’ views on the role
of Artificial Intelligence in their decision-making processes.
A notable majority agreed that Al improves the quality of de-
cision making, with 62% agreeing and 38% strongly agreeing.
This response suggests that small business owners view Al as
a valuable tool capable of enhancing the accuracy, efficiency,
and effectiveness of business decisions. There was no indica-
tion of disagreement or neutrality, highlighting widespread ac-
ceptance of AI’s role in elevating decision standards.

Similarly, 86% of respondents acknowledged that Al helps
reduce human errors in decision-making, with 66% agreeing
and 20% strongly agreeing. However, 14% of the respondents
disagreed, indicating that while most small business owners
believe Al contributes to minimizing mistakes typically
caused by human oversight, a few remain skeptical—possibly
due to a lack of familiarity with Al or concerns about its de-
pendability. The view that Al is essential for staying compet-
itive in today’s business environment was also strongly sup-
ported. All respondents (100%) agreed with the statement,
with 60% agreeing and 40% strongly agreeing. This over-
whelming agreement underscores the belief among small
business owners that Al has become a strategic necessity in
maintaining relevance and competitive advantage in a rapidly
evolving market.

However, opinions were more divided on the issue of trust.
While 66% of respondents expressed confidence in Al as a
trustworthy tool for business decision-making (48% agree, 18%
strongly agree), 34% disagreed. This reveals a degree of hesi-
tation, likely stemming from concerns about the transparency
and reliability of Al systems. Some business owners may still
prefer to rely on human judgment, especially when the reason-
ing behind Al recommendations is unclear. Overall, the find-
ings indicate that small businesses generally perceive Al pos-
itively, especially regarding their ability to improve decision-
making and competitiveness. Nonetheless, some concerns re-
main, particularly about the trustworthiness and interpretabil-
ity of Al tools in the decision-making process.

Table 3. Frequency Distribution of Respondents on the Perception of Al in Decision Making.

I believe Al improves the quality of business decision-

making.

Al helps reduce human errors in decision-making.

Strongly Disagree

0%

0%
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Disagree Neutral  Strongly Agree  Agree
0% 0% 38.0% 62.0%
14% 0% 20% 66.0%
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Strongly Disagree

Al is essential for staying competitive in today’s business

. 0%
environment.

I consider Al to be a trustworthy tool for business decision-

0,
making. 0%

Source: Authors’ Field work.

Table 4 presents a deeper understanding of how respond-
ents perceive the role of Artificial Intelligence (Al) in deci-
sion-making within small businesses. For the statement “/ be-
lieve Al improves the quality of business decision-making, ”
the responses ranged from a minimum of 4 to a maximum of
5, with a mean of 4.38 and a standard deviation of 0.49. This
suggests that all respondents agreed or strongly agreed with
the statement, showing a high level of consensus and minimal
variation in opinions. Regarding the statement “A7 helps re-
duce human errors in decision-making,” responses spanned
from 2 (disagree) to 5 (agree/strongly agree), with a mean of
3.92 and a standard deviation of 0.88. This wider range, along
with the higher standard deviation, indicates more diverse
opinions among respondents. While the average view still
leans toward agreement, some respondents expressed skepti-
cism or uncertainty about AlI’s effectiveness in reducing hu-
man errors.

For the statement “A7 is essential for staying competitive in
today’s business environment,” the minimum and maximum
values were 4 and 5 respectively, resulting in a mean of 4.4

Disagree Neutral  Strongly Agree  Agree
0% 0% 40% 60%
34% 0% 18% 48.0%

and a low standard deviation of 0.49. This shows that all re-
spondents either agreed or strongly agreed with the statement,
reflecting a strong and consistent belief that Al is crucial for
competitiveness in the current business climate. The statement
“I consider Al to be a trustworthy tool for business decision-
making” recorded responses ranging from 2 to 5, with a mean
of 3.5 and a relatively high standard deviation of 1.15. This
indicates a broader spread of opinions, with some respondents
disagreeing while others agreed or strongly agreed. The lower
mean and higher variability suggest that while a majority may
lean toward trusting Al, concerns about its reliability or trans-
parency persist among a significant portion of the respondents.

Overall, the minimum and maximum values help reveal the
spread of opinion on each item, while the mean and standard
deviation further clarify the degree of agreement and con-
sistency among the participants. These results confirm a gen-
erally favorable view of Al in business decision-making, al-
beit with varying levels of confidence depending on the spe-
cific aspect considered.

Table 4. Descriptive Statistics of Distribution of Respondents on the Perception of Al in Decision Making.

Statement

I believe Al improves the quality of business decision-making.
Al helps reduce human errors in decision-making.

Al is essential for staying competitive in today’s business environ-
ment.

I consider Al to be a trustworthy tool for business decision-making.

Source: Authors’ Field work.

Addressing the second objective of identifying the chal-
lenges faced by small businesses in adopting Al technologies
for decision-making, Table 5 presents the respondents’ fre-
quency distribution. Most respondents (90%) agreed that the
cost of acquiring Al tools is high for small businesses, with
46% agreeing and 44% strongly agreeing. Only 10% disa-
greed with this view. This indicates that financial constraints
remain one of the most significant barriers to Al adoption, es-

N Minimum Maximum Mean Std. Deviation
50 4 5 4.38 0.49031
50 2 5 3.92 0.87691
50 4 5 4.4 0.49487
50 2 5 35 1.14731

pecially for startups and small enterprises operating with lim-
ited budgets. Similarly, technical expertise emerged as an-
other major challenge. While 46% agreed and 32% strongly
agreed that their businesses lack the technical expertise to use
Al effectively, 22% disagreed. This suggests that although
most small business owners recognize a skills gap, a minority
may have access to internal or external support that mitigates
this challenge. Nonetheless, the majority view points to a
broader need for technical training and capacity building
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among SMEs.

Resistance to change within the organization also appears
to be a notable issue. A combined 90% of respondents agreed
or strongly agreed that there is resistance among staff to adopt
Al technologies, with 58% agreeing and 32% strongly agree-
ing. Only 10% disagreed. This reflects possible apprehension
about job displacement, unfamiliarity with Al systems, or re-
luctance to move away from traditional methods, all of which
could hinder smooth integration of Al solutions. Concerns
about data privacy and associated risks were also widely
shared, with 100% of respondents expressing agreement (66%
agree and 34% strongly agree). This unanimous concern high-
lights the importance of ethical considerations and the need
for robust data governance frameworks when implementing
Al in business operations.

Further, inadequate external support was also perceived as
a challenge, as 80% of respondents agreed or strongly agreed
that there is a lack of assistance such as training, funding, or
government incentives to support Al adoption. Specifically,
50% agreed and 30% strongly agreed, while 20% disagreed.
This finding suggests that the broader ecosystem surrounding
small businesses may not yet be fully supportive of digital
transformation efforts, leaving many entrepreneurs without
the resources or guidance needed to effectively deploy Al
technologies. Overall, the data reveals that small businesses
face both internal and external barriers to Al adoption includ-
ing cost, limited expertise, staff resistance, privacy concerns,
and insufficient support infrastructure. These challenges must
be addressed for small businesses to harness the full potential
of Al in decision-making.

Table 5. Frequency Distribution of Respondents on the Challenges in Adopting Al.

Strongly Disagree

The cost of acquiring Al tools is high for small businesses

like mine. 0%
My business lacks the technical expertise to use Al effec- 0%
tively.

There is resistance among staff to adopt Al technologies. 0%
I am concerned about data privacy and Al-related risks. 0%
There is inadequate external support (e.g., training, fund- 0%

ing) for small businesses adopting Al.

Source: Authors’ Field work.

Table 6 provides another descriptive statistics insight on the
extent to which small businesses perceive various challenges
in adopting Artificial Intelligence (Al) technologies for deci-
sion-making. The statement “The cost of acquiring Al tools is
high for small businesses like mine” recorded a mean score of
3.88, with responses ranging from a minimum of 2 (disagree)
to a maximum of 5 (strongly agree), and a standard deviation
of 1.10. This indicates a generally high level of agreement,
although the relatively widespread suggests that cost percep-
tions vary among respondents, possibly due to differences in
business size, sector, or exposure to Al. For the statement “My
business lacks the technical expertise to use Al effectively,”
the mean score was 4.12, with a standard deviation of 0.85 and
a range between 2 and 5. This reflects strong overall agree-
ment with less variability, suggesting that most small business
owners acknowledge a technical knowledge gap as a key ob-
stacle in implementing Al.

The statement “There is resistance among staff to adopt Al
technologies” had the highest mean score of 4.34 and the
smallest standard deviation of 0.48, with responses confined
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Disagree Neutral  Strongly Agree  Agree
10.0% 0% 44.0% 46.0%
22.0% 0% 32.0% 46.0%
10.0% 0% 32.0% 58.0%
0% 0% 34.0% 66.0%
20.0% 0% 30.0% 50.0%

to the 4-5 range. This tight clustering indicates almost unani-
mous agreement that internal resistance likely stemming from
fear of change, job insecurity, or lack of awareness is a signif-
icant challenge in the adoption of Al within small businesses.
Concerning the statement “/ am concerned about data privacy
and Al-related risks, ” responses also ranged from 2 to 5, with
a mean of 3.9 and a standard deviation of 1.05. While the av-
erage response reflects concern, the standard deviation indi-
cates a moderate level of disagreement or uncertainty among
some respondents, which may be due to varying levels of
awareness about data protection issues or industry-specific
regulatory exposure.

Finally, the statement “There is inadequate external sup-
port (e.g., training, funding) for small businesses adopting A7”
had a mean of 4.10 and the highest standard deviation of 1.14,
with values ranging from 2 to 5. Although the average sug-
gests strong agreement, the widespread implies that while
many respondents feel unsupported, others may have access
to better resources, partnerships, or external programs that
mitigate this challenge. The descriptive statistics reinforce the
earlier frequency findings by showing that small businesses
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face a combination of financial, technical, organizational, and
infrastructural challenges when it comes to Al adoption. The

variations in response also point to uneven levels of readiness
and access across different business contexts.

Table 6. Descriptive Statistics of Distribution of Respondents on the Challenges in Adopting Al.

Statement

The cost of acquiring Al tools is high for small businesses like mine.
My business lacks the technical expertise to use Al effectively.
There is resistance among staff to adopt Al technologies.

I am concerned about data privacy and Al-related risks.

There is inadequate external support (e.g., training, funding) for
small businesses adopting Al.

Source: Authors’ Field work.

For the third objective, Table 7 presents the frequency dis-
tributions on how small businesses integrate Al insights with
human judgment in their decision-making processes.

In Table 7, the responses provide insight into how small
businesses manage the interaction between Al insights and hu-
man judgment in their decision-making processes. A com-
bined 84% of respondents (54% agree, 30% strongly agree)
indicated that their businesses combine Al insights with hu-
man expertise, while 16% disagreed. This suggests that most
small business owners do not rely on Al in isolation but inte-
grate its insights with human knowledge, experience, and con-
textual understanding to inform their decisions.

Regarding the statement “A47 supports but does not replace
human decision-making in my business,” 46% agreed and 8%
strongly agreed, showing that more than half of the respond-
ents see Al as a supplementary tool rather than a substitute for
human involvement. However, 38% disagreed, which may in-
dicate that in some businesses, there is either limited use of Al
or concern that Al is encroaching on tasks traditionally man-
aged by humans. This reflects a mixed view on the balance of
control between Al systems and human actors.

On the issue of training, 64% of respondents agreed that em-
ployees are trained to interpret Al-generated insights, while 18%
disagreed and another 18% strongly disagreed. The lack of neu-
tral responses suggests polarized opinions while some busi-
nesses are actively equipping their staff to engage with Al tools,

N Minimum Maximum Mean  Std. Deviation
50 2 5 3.88 1.09991

50 2 5 412 0.84853

50 4 5 4.34 0.47852

50 2 5 3.9 1.05463

50 2 5 4.10 1.1400

others may lack the resources or awareness to do so. This gap
in training may affect how effectively businesses can utilize Al
outputs in their daily operations.

The statement “There is a clear boundary between Al tasks
and human responsibilities” was supported by 66% of re-
spondents, though 18% disagreed and 16% strongly disagreed.
This result implies that while many small businesses maintain
structured roles for Al and human decision-makers, a notable
minority may experience overlaps or ambiguity in how tasks
are assigned and executed.

Finally, when asked whether “A47 tools enhance my own in-
tuition and strategic thinking as a business owner,” 72%
agreed or strongly agreed (38% agree, 34% strongly agree),
whereas 28% disagreed. This indicates that for most small
business owners, Al serves not only as a support system but
also as a cognitive enhancer, helping them sharpen their deci-
sion-making capacity. However, the dissenting views may re-
flect uncertainty about how to interpret Al insights or skepti-
cism about the value Al adds to strategic thinking.

The findings suggest that most small businesses see Al as a
collaborative partner in decision-making rather than a replace-
ment for human input. However, variation in staff training,
role clarity, and confidence in Al-enhanced decision-making
points to the need for better integration strategies and educa-
tion to ensure Al is used effectively and responsibly in the en-
trepreneurial context.

Table 7. Frequency Distribution of Respondents on how small businesses integrate Al insights with human judgment in their decision-making

processes.
Statement Strongly Disagree Disagree Neutral  Strongly Agree  Agree
My t_)usmes_s f:ombmes Al insights with human expertise in 0% 16.0% 0% 30.0% 54.0%
making decisions.
Al supports but does not replace human decision-making in 0% 38.0% 0% 8.0% 46.0%
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Statement Strongly Disagree Disagree Neutral  Strongly Agree  Agree
my business.

Employees are trained to interpret Al-generated insights. 18.0% 18.0% 0% 0% 64.0%
There_ls_ a_l f:lear boundary between Al tasks and human re- 16.0% 18.0% 0% 0% 66.0%
sponsibilities.

Al tools enhance my own intuition and strategic thinking as 0% 28.0% 0% 34.0% 38.0%

a business owner.

Source: Authors’ Field work.

In Table 8, descriptive statistics shed light on how small
businesses integrate Artificial Intelligence (Al) insights with
human judgment in their decision-making processes. The
statement “My business combines Al insights with human ex-
pertise in making decisions” had a mean score of 3.98, with
responses ranging from a minimum of 2 (disagree) to a maxi-
mum of 5 (strongly agree), and a standard deviation of 0.98.
This indicates that most respondents agree that Al and human
insight are jointly used, with relatively low variability in re-
sponses. For the statement “A7 supports but does not replace
human decision-making in my business, ” the mean was lower
at 3.08, with a minimum of 1 (strongly disagree) and a maxi-
mum of 5, and a higher standard deviation of 1.23. This re-
flects a wider spread of opinions and suggests that some busi-
nesses may either rely more heavily on Al than others or ex-
perience confusion about AI’s role, leading to inconsistent in-
tegration practices.

The statement “Employees are trained to interpret Al-gen-
erated insights” had a mean score of 3.10, with responses
ranging from 1 to 4 and a standard deviation of 1.25. The rel-
atively low mean, along with the widespread, suggests that
employee training in Al interpretation is inconsistent across
businesses; some have made efforts in this area, while others

have not prioritized it.

Regarding the statement “There is a clear boundary be-
tween Al tasks and human responsibilities,” the mean was
3.16, with a minimum of 1 and a maximum of 4, and a stand-
ard deviation of 1.22. This shows moderate agreement but also
highlights that role clarity between Al and human responsibil-
ities is not firmly established in all businesses, possibly due to
a lack of defined workflows or understanding of Al capabili-
ties.

Lastly, the statement “A7 tools enhance my own intuition
and strategic thinking as a business owner” recorded a mean
of 3.78, with a minimum of 2 and maximum of 5, and a stand-
ard deviation of 1.20. This indicates that most business owners
feel Al contributes positively to their decision-making capac-
ity, although some variation exists in the extent to which they
perceive this benefit. The results suggest that while small busi-
nesses generally aim to integrate Al with human judgment,
inconsistencies remain in terms of training, clarity of roles,
and understanding of Al's supportive function. The moderate-
to-high standard deviations across several items further indi-
cate differing levels of adoption and maturity in human-Al
collaboration practices.

Table 8. Descriptive Statistics of Distribution of Respondents on how small businesses integrate Al insights with human judgment in their

decision-making processes.

Statement

My business combines Al insights with human expertise in making

decisions.

Al supports but does not replace human decision-making in my busi-

ness.

Employees are trained to interpret Al-generated insights.

There is a clear boundary between Al tasks and human responsibilities

Al tools enhance my own intuition and strategic thinking as a business

owner.

Source: Authors’ Field work.
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N Minimum Maximum Mean  Std. Deviation
50 2 5 3.98 0.97917
50 1 5 3.08 1.22624
50 1 4 3.1 1.24949
50 1 4 3.16 1.21823
50 2 5 3.78 1.20017
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Overall, the findings reinforce that small businesses regard
Al as a collaborative partner in decision-making rather than a
substitute for human judgment. However, disparities in staff
training, clarity of roles, and confidence in Al suggest the need
for improved integration frameworks and educational initia-
tives to maximize AI’s value in entrepreneurial practice.

5. Discussion of Findings

This study examined how small businesses perceive the role
of Al in their decision-making processes. Secondly, it identi-
fied the challenges that small businesses face in adopting Al
technologies. And thirdly, it examined how small businesses
integrate Al insights with human judgment in both strategic
and operational decisions.

The findings of the set objectives are as discussed below:

5.1. Perception Al Adoption and
Entrepreneurial Perceptions

Beyond the general agreement on the role of Al in enhanc-
ing decision-making, the results revealed several nuanced pat-
terns. Sectoral differences emerged, with respondents in ser-
vice-oriented businesses reporting more immediate benefits in
customer engagement and market opportunity identification,
while those in retail and manufacturing were more cautious,
citing implementation costs and infrastructural needs as barri-
ers.

Business size also appeared to influence adoption levels.
Micro-enterprises expressed greater difficulty in integrating
Al tools, often perceiving them as complex and resource-in-
tensive, whereas slightly larger small businesses demonstrated
more structured investment in Al and reported higher levels
of efficiency gains. This is in line with the idea of [30] whose
theory was on entrepreneurial alertness with the core idea in
that entrepreneurs differ in their ability to notice opportunities
and recognition of market gaps. The connection of Al here
was that it enhances alertness by identifying hidden patterns
and emerging trends.

The frequency of Al usage varied considerably. While a
subset of respondents indicated daily or routine reliance on Al
for decision support and operational functions, others reported
using Al sporadically, suggesting that for many businesses, Al
remains in an exploratory rather than fully integrated phase.

Interestingly, optimism about the future potential of Al was
strong even among those with current limitations. Many re-
spondents indicated plans to expand Al use over the next three
to five years, often linking such aspirations to anticipated ac-
cess to affordable tools and training. However, confidence
levels were not uniform across decision areas: entrepreneurs
tended to trust Al in data-intensive processes such as forecast-
ing and trend analysis but were more hesitant to rely on it in
relational or creative aspects of their businesses. Meanwhile,
the theory of Planned Behaviour proposed by [31] constructed

169

attitudes towards behaviour, subjective norms, and received
behavioural control. By implications, entrepreneurs adopt Al
when they have positive attitudes toward technology, they fell
capable of implementation and industry norms support digital
transformation.

A pattern of strategic investment also emerged, with some
respondents already allocating budgets for Al-related up-
grades, including training programs and software maintenance.
Nevertheless, the findings also highlighted notable awareness
gaps, as a portion of respondents associated Al solely with au-
tomation functions and demonstrated limited knowledge of its
broader applications in analytics, strategic planning, or cus-
tomer experience.

5.2. Implications of the Study

The findings of this study carry several important implica-
tions for practice, policy, and future research.

For entrepreneurs and small business owners, the results
highlight the need to view Al not as a replacement for human
expertise but as a complementary tool that strengthens deci-
sion-making. The selective confidence entrepreneurs ex-
pressed in Al use indicates that training programs should fo-
cus on practical, context-specific applications rather than ab-
stract technical knowledge. Furthermore, the varying adoption
levels between micro-enterprises and larger small businesses
suggest that Al integration strategies should be tailored to
business size and sector.

The persistent barriers identified, particularly cost, tech-
nical expertise, and data privacy concerns, underscore the im-
portance of policy interventions. Subsidized training initia-
tives, affordable Al infrastructure, and regulatory frameworks
that safeguard data without creating additional burdens can
help bridge the digital divide. Policymakers should also en-
courage partnerships between technology providers and small
businesses to accelerate accessible adoption pathways.

The study contributes to the growing discourse on the hu-
man-Al interface in entrepreneurial decision-making. By
demonstrating that entrepreneurs rely on Al alongside human
judgment, the findings reinforce hybrid decision-making
models that integrate technology with experiential insight.
This underscores the need for future research to explore con-
ditions under which human intuition and Al-generated outputs
interact most effectively.

The optimism expressed by respondents regarding AI’s fu-
ture potential suggests that entrepreneurship ecosystems must
prepare for rapid shifts in business models. Institutions that
support entrepreneurs, such as incubators, accelerators, and
business associations, should embed Al literacy and applica-
tion skills into their development programs. Doing so will en-
sure that small businesses are not only consumers of Al but
also innovators in its application.
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5.3. Recommendations

Based on the findings, several recommendations can be
made to enhance Al adoption and effectiveness among small
businesses: First, training initiatives tailored to the needs of
small business owners should be developed, focusing on prac-
tical applications of Al in decision-making rather than purely
technical aspects. Also, governments and industry bodies
should create enabling environments through subsidies, grants,
and tax incentives to reduce the financial burden of Al adop-
tion for micro and small enterprises.

In addition, partnerships between Al solution providers,
business associations, and small firms can facilitate
knowledge transfer, mentorship, and shared access to Al re-
sources. Targeted campaigns are necessary to expand entre-
preneurs’ understanding of the diverse applications of Al be-
yond automation, including customer engagement, forecast-
ing, and strategic planning. Finally, small businesses should
adopt Al gradually, beginning with low-cost, high-impact
tools that align closely with their business goals, before mov-
ing to more complex systems.

5.4. Limitations of the Study

While the study provides valuable insights, several limita-
tions should be acknowledged. First, the findings are based on
self-reported data from small business owners, which may be
influenced by personal perceptions and biases rather than ob-
jective measures of Al performance.

Second, the study focused on a specific sample of small
businesses, and the results may not be fully generalizable to
all entrepreneurial contexts, particularly across different cul-
tural or regulatory environments. Third, the cross-sectional
design limits the ability to assess how perceptions and adop-
tion patterns of Al may evolve over time. Finally, the study
did not directly measure business performance outcomes,
leaving open questions about the long-term financial and stra-
tegic impacts of Al adoption in small enterprises.

6. Conclusion

This study has demonstrated that Artificial Intelligence is
increasingly recognized as a valuable tool for enhancing deci-
sion-making among small business owners. While entrepre-
neurs acknowledge the benefits of Al in improving efficiency,
competitiveness, and market responsiveness, the findings also
highlight persistent barriers such as cost, technical expertise,
and awareness gaps that hinder effective adoption. Im-
portantly, the results affirm that Al is not perceived as a sub-
stitute for human judgment but rather as a complementary re-
source that strengthens entrepreneurial decision-making. The
study therefore underscores the need for tailored support
mechanisms, including affordable training, policy interven-
tions, and sector-specific strategies, to bridge the adoption gap
between micro and larger small enterprises. By addressing
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these challenges, stakeholders can help unlock the full poten-
tial of Al in driving sustainable growth and innovation in the
small business sector.

The authors advocate for future studies that continue to ex-
plore the evolving dynamics of the human-Al interface, with
particular attention to how entrepreneurs balance intuition,
contextual understanding, and data-driven insights in their
strategic choices.

Abbreviations

Artificial Intelligence

AGI Artificial General Intelligence

STS Socio-Technical Systems Theory

TAM Technology Acceptance Model

PEOU Perceived Ease Of Use

PU Perceived Usefulness

UTAUT Unified Theory of Acceptance and Use of
Technology
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